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Abstract

We study the role of government transfers in alleviating the repercussions of parental
employment shocks on the education outcomes of children. A comprehensive reduction in
Israel’s system of universal child cash benefits, cutting total government transfers to families
with children bymore than 30%, is shown to have adversely affected childrenwhose parents
were displaced in a mass layoff event. First, we find that children of laid-off parents suffer
from lower high-school performance and are less likely to secure a matriculation certificate
(Bagrut). These effects are present only in lower-income families and are inversely related
to the child’s age at the time of the shock. Second, we find that cuts to child benefits at
the household level exacerbate these negative effects for low-income families while leaving
high-income families unaffected. Our findings suggest that cash transfers have a mitigating
role in determining children’s outcomes among families with low socio-economic status.
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1 Introduction

Abundant evidence exists regarding the long-term e�ects of job displacement on the earnings,

health, and family circumstances of adults (e.g., Sullivan and von Wachter, 2009; Britto et al.,

2022; Bertheau et al., 2022). Government insurance programs such as Unemployment Insur-

ance (UI), along with progressive taxes and transfers, provide adults with insurance against

such risks (Chetty and Finkelstein, 2013; Schmieder and Von Wachter, 2016; Card et al., 2018;

Stepner, 2019). Despite growing evidence suggesting that negative labor market shocks prop-

agate to children and a�ect their long-run outcomes (see M •ork et al., 2020, for a review), the

e�ectiveness of government programs in protecting children has not been su�ciently studied.

Understanding the intergenerational insurance capacity of tax and transfer policies is critical,

not only from an equity perspective but also from an e�ciency standpoint, since social policies

that generate positive results for children have been shown to be socially bene�cial (Hendren

and Sprung-Keyser, 2020).

Most of the existing research on the relationship between government programs and children's

long-run outcomes highlights the e�ectiveness of government programs in improving the lives

of disadvantaged children (Hoynes et al., 2016; Dahl and Lochner, 2012; Dahl and Gielen, 2021;

Shanan, 2020; Kott, 2022). A recent contribution from Brazil (Britto et al., 2021) provides the

�rst evidence that the UI system mitigates some of the adverse e�ects of parental job displace-

ment on children. However, to our knowledge, no studies have explored the e�ectiveness of

universal government transfers that are not tied to unemployment or moral hazard at mitigat-

ing adverse e�ects on children.

In this paper, we study the intergenerational insuring capacity of cash transfers by leveraging

a unique combination of rich administrative data from Israel and a rare setting that allows us

to observe shocks to children's parental employment amidst a major change in government

transfers' generosity. Following Jacobson et al. (1993) (JLS), we use mass layo� events as a

negative parental shock, focusing on the period of 1999-2009, a decade with a relatively high

incidence of layo�s. To learn about the insuring capacity of government transfers, we exploit a

comprehensive reform to universal child cash bene�ts. Combined, these allow us to evaluate

the importance of government transfers in mitigating the harm children experience due to a

shock to their parents' careers.
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We exploit a substantial policy change from the end of 2002 when the Israeli government slashed

social bene�ts expenditures. This change repositioned Israel from a country spending above

the OECD average on per-capita GDP family cash bene�ts to one well below this average (see

Figure 1). We focus on the change in child bene�ts, a universal and automatic monthly cash

transfer that depends solelyon the number of children under 18. In this reform, child bene�ts

changed dramatically as a function of family size. Prior to the reform, marginal per-child bene-

�ts were increasing with the number of children, whereas post-reform, the marginal per-child

bene�t was standardized and reduced to the level of a one-child family's bene�ts. As a result,

the total government expenditure on child bene�ts was cut by more than a third. Using this

reform, we focus on evaluating whether the drop in unconditional transfers a�ected the extent

to which parental employment shocks a�ect children's outcomes.

Our analysis starts by studying the direct costs of job loss borne by parents and their children.

We use �rm-level mass-layo� events to identify the e�ects of job loss, akin to the strategy em-

ployed in the literature (Jacobson et al., 1993; Couch and Placzek, 2010; Lachowska et al., 2020).

This strategy involves identifying the �rms that close or go through mass-layo�s and compar-

ing the displaced workers to a control group of non-displaced workers. We �nd that the job loss

e�ect on parents in Israel in the years 1999-2009 is deep and persistent. In the short run, dis-

placed parents experience a 45 percent decline in earnings compared to their pre-displacement

earnings, along with a nearly 30 percent drop in employment. In the long run, the job loss scar

lasts at least ten years and levels at around 10-20% lower earnings. The e�ects we �nd in Israel

are substantial in the short run, akin to Portugal, Italy, and Spain, but shrink in size in the long

run to levels more similar to Scandinavian countries (Bertheau et al., 2022).

Next, we evaluate the e�ects of job loss on children and �nd that parental job loss causes a

substantial and signi�cant drop in high school education outcomes. We measure education

outcomes by performance in the Bagrut math exam and the probability of attaining a Bagrut

certi�cate (or matriculation certi�cate), a series of standardized national exams taken in the

last two years of high school, and a pre-requisite for university. We estimate a reduction of

1.4 percentage points in the probability of securing a Bagrut certi�cate due to parental job loss

and almost one percentage point in the math exam. Interestingly, the mean results mask sub-

stantial heterogeneity. The entire e�ect is driven by children from families with below-median

income, amounting to a 3.7 (2.2) percentage points decrease in Bagrut certi�cate attainment
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(math scores), which is a reduction of almost 10 percent of the baseline average in this group.

These �ndings suggest that low-income families have a limited capacity to shield their children

from the adverse impacts of unforeseen employment shocks.

Echoing the results in Uguccioni (2021), we show that the impact of parental job loss on chil-

dren's education diminishes with age at the time of job loss, implying younger children's height-

ened vulnerability. This �nding is aligned with theories highlighting the importance of early

years in human capital development (Cunha and Heckman, 2007), or those suggesting that ef-

fects accumulate over time (Chetty and Hendren, 2018a,b). In addition, we consider the e�ect

of job loss on both fathers and mothers. Our data provide noisy, suggestive evidence that the

impact is mainly due to paternal displacement. This �nding either hints at a possible trade-o�

mothers face between family �nancial resources and investment in childcare home production

or is driven by the fact that women in our sample are less likely to be the primary earners in

the household, hence, their job loss is less impactful on the household.

Having established the e�ects of job loss on parents and their children, we then study the poten-

tial of government cash transfers to alleviate the adverse e�ects of job loss on children, together

with estimating the e�ects of these cash transfers on parents' labor market outcomes post-job-

loss. We rely on the fact that the child bene�ts program's generosity changed di�erentially

by family size, where larger families experienced greater changes both in absolute terms and

per child, while families with one or two children were minimally a�ected. For large families

with three or more children, this change could correspond to 4%-40% of the average monthly

wage at the time of the reform. This meant a dramatic reduction in �nancial resources for a

large low-income family dealing with a recent job loss. We note that while the reform was not

limited to child bene�ts alone and included changes to other government programs, such as

unemployment insurance, these other changes were not directly related to family size and are

not expected to a�ect the households in our sample.

We estimate the reform's impact on children of parents who have lost their employment by

running a triple-di�erence regression. In this design, job loss e�ects post-reform are compared

with pre-reform e�ects, utilizing the number of children as an intensive margin for the reform's

treatment. We observe larger job loss penalties on children post-2003, which also increase ap-

proximately linearly with the number of children in the household. Combining these estimates,

we �nd that the reform exacerbated the impact of job loss on low-income families by one per-
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centage point for every additional child on the math outcome and almost 1.5 percentage points

on Bagrut attainment.

In terms of cash transfers, for each additional 1,000 Shekels (� $300) lost due to the reform,

children from low-income job-loss-a�ected families experienced an additional 0.2 percentage

point decrease in math performance and a 0.5 percentage point decrease in the probability of

attaining a Bagrut certi�cate. Given the average loss in bene�ts, these e�ects correspond to a

third of the total e�ect of job loss on math and half of the e�ect of job loss on the Bagrut for

low-income children. With an average level of 10,000 Shekels annually in child bene�ts prior

to the reform, these e�ects imply elasticities of job loss penalty with respect to bene�ts lost of

1.3 in Bagrut attainment and 0.9 in math among low-income families. A back-of-the-envelope

calculation of the e�ects of the reform on a child's earnings at age 30 suggests that every 1,000

Shekels in cash bene�ts lost translates into a decrease of 52 Shekels in a child's annual earnings

at age 30.

The reform also a�ected the parents who were laid o�. We �nd that among low-income parents,

the change in child bene�ts mitigated the short-run e�ects of job loss on employment by around

15 percent and on earnings by around 10 percent. Stratifying by parents' gender, we �nd noisy

evidence that most of the positive e�ect is attributed to fathers. Taken together, the policy's

e�ects on parents and the e�ects on children generate a trade-o� between the short-run e�ects

on parents' labor supply response and the long-run e�ects on children. This parallels the trade-

o� studied in (Aizer et al., 2022) in the context of safety net policies in the United States.

We also �nd suggestive, albeit noisy, evidence for heterogeneity in the mitigating e�ects of the

reform on children by the gender of the displaced parent. Children of low-income fathers who

experienced job loss underwent larger detrimental e�ects on their outcomes due to the reform,

while mothers' impacts are imprecise. This �nding indicates the di�erent tradeo�s men and

women face in child human capital production and career aspirations (Goldin, 1995; Bertrand

et al., 2010; Goldin, 2014; Wasserman, 2023).

The main contribution of our paper is in causally estimating the insuring capacity of govern-

ment transfers to families on children's outcomes against shocks to the household. The only

related evidence is a study from Brazil Britto et al. (2021), and a parallel work in progress in

the US (Cole et al., 2023), both estimating the positive e�ects of Unemployment Insurance (UI)
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on children's educational outcomes. The important distinction of our paper is the insuring in-

strument being studied, where our paper is the �rst to evaluate the intergenerational insurance

capacity of unconditional transfers.

Our �ndings align with the growing literature emphasizing the importance of government

transfers and safety-net programs for children from low socio-economic status (e.g. Akee et al.,

2010; Milligan and Stabile, 2011; Dahl and Lochner, 2012; Hoynes et al., 2016; Aizer et al., 2016;

Bastian and Michelmore, 2018; Akee et al., 2018). In the Israeli context, Kott (2022) studied the

direct e�ect of this reform in child bene�ts using a regression discontinuity design and found

a 2.3 percentage points drop in the probability of securing a matriculation certi�cate for every

USD 1,000 bene�t lost. Additionally, our paper extends the discussion about the e�ects of gov-

ernment transfers on the impact of job loss beyond the e�ects on children and estimates how

cash transfers impact the labor supply of parents who have been laid o�. This allows us to eval-

uate the trade-o� between parents' labor market incentives and children's well-being. In doing

so, we add to the debate presented in Aizer et al. (2022), extending it to the context of job loss.

Lastly, our work advances our understanding of the e�ects of job loss on children. While several

studies �nd large adverse e�ects of parental job loss on children's outcomes (Oreopoulos et al.,

2008; Stevens and Schaller, 2011; Coelli, 2011; Uguccioni, 2021; Britto et al., 2021), others point to

null or very modest e�ects on school performance and labor market outcomes, such as Bratberg

et al. (2008) in Norway, Hilger (2016) in the US, and M •ork et al. (2020) in Sweden. We add to

this literature by �nding substantial e�ects in our setting and provide evidence that these e�ects

are causal, adhering to the concerns raised in Hilger (2016) for selection bias in previous studies

such as Oreopoulos et al. (2008). Moreover, by showing that these e�ects can be mitigated by

cash transfers in the case of disadvantaged families, we shed light on the mechanism through

which job loss propagates from parents to children, namely that the family's �nancial resources

serve as an important mediator.

The rest of this paper is organized as follows. Section 2 provides a detailed account of the

changes brought about by the reform, along with a description of the general setting. Section 3

de�nes the targeted parameters in the analysis. Section 4 presents the data sources and present

the outcomes of interest. In Section 6, we estimate the e�ects of job loss on the labor market

outcomes of parents and the high school outcomes of children, and in Section 7, we investigate

the role of cash transfers in mitigating the e�ects of job loss. Finally, Section 8 o�ers a summary
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and conclusions.

2 Israel Welfare Reform

The beginning of the 2000s in Israel was abound with consequential events. Following the

2001 world recession and the Palestinian uprising against Israel, also known as \The Second

Intifada", Israel experienced high levels of unemployment rates and instability, which resulted

in a government coalition shift. The newly elected Parliament (\Ha-Knesset") passed a series

of expedited bills in 2002-2003 as a part of a reform aimed to shrink government debt by lower-

ing expenditures and promoting labor force participation (Ami-Mei, 2008). Quoting from the

annual report for 2002-2003 of the Israeli National Insurance Institute (NII): 1

\In 2002-2003, the Israeli government decided on a real turnabout in its social policy, which will bear

its mark on the Israeli welfare state in the long run. [...] The series of cuts to bene�ts in 2002-2003 and

those that are expected in future years is long and did not pass over even one of the bene�t-targeted

populations. The depth of the immediate cuts were most pronounced in labor force age populations -

unemployment insurance, income support, and child bene�ts. The cut in each of these systems has

summed to a third of all payments made before the new legislation"(Achdut, 2004).

To illustrate the magnitude of the changes, Figure 1 presents the public spending on family cash

bene�ts as a percent of GDP per capita in the OECD countries. Before the reform, Israel was

among the more generous countries in terms of public spending on family bene�ts compared

to other OECD countries. Post reform, these spendings dropped to well below OECD average

levels in a span of 3 years.2

As quoted above, the reform includes substantial changes to child bene�ts, unemployment in-

surance, and the income support program. In this work, we focus on the change to child ben-

e�ts, which are universal and automatic cash transfers that depend solely on the number of

children and their date of birth. We discuss the di�erent programs, as well as the details of the

reform below, and explain in detail why the other changes are not relevant to our analysis.

1The NII is the Israeli institution responsible for collecting health and insurance contributions and providing
unemployment and disability insurance, child bene�ts, maternity leave, grants for widows, old-age pensions, and
grants to recent immigrants.

2The gradual decrease is primarily a re
ection of the economic recession in Israel in these years in which both
the GDP per capita decreased together with the social bene�ts.
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2.1 Reform in Children Bene�ts

Children bene�ts are universal, automatic, and nontaxable monthly transfers to families with

children aged 18 or below, with a take-up of almost 100% (Gotlib, 2021). The amount of money

transferred depends solely on the number of children in the household and is transferred au-

tomatically to all eligible parents. 3 Changes to child bene�ts were described as the \deepest

cuts" in the reform in terms of government expenditures. While Child Bene�ts expenditure

amounted to around 1.7 percent of Israel's GDP in the late 1990s and early 2000s, it declined

after the reform to levels well below 1 percent.

Figure 2 displays the main change in child bene�ts over time as a percent of the average yearly

earnings in 2001 by the number of children in the household. Before the reform, the marginal

subsidy per child was increasing with the number of children. After the reform, the marginal

subsidy was constant and at a lower level than the pre-reform. The shaded areas in Figure 2

represent the heterogeneity in the change in bene�ts by the child's date of birth. To alleviate

the change in family transfers, families were endowed with di�erent amounts for children born

before or after June 2003, such that the marginal bene�t for the third child and above was higher

than the constant post-reform amount but lower than it was pre-reform, making the change

more gradual.

While the levels of bene�ts changed, eligibility criteria did not. The full schedule of the bene�ts

by year is presented in the top panel of Table 2. Bene�ts were �rst reduced on average by 15%

in 2002 and were no longer to be updated to in
ation (6.5% that year). In the following year,

bene�ts were cut even further, by around 40% on average, and the marginal transfer per child

was made constant. Although bene�ts were reduced for all families, the largest changes were

made to larger families. The bottom panel of Table 2 presents the range of potential lost bene�ts

for families before and after the reform. The changes to total yearly bene�ts range from around

4% of the average wage for a family with 3 kids and up to 18-31% for a family of 6 kids. 4

3Birth information is transferred from hospitals to the National Social Insurance Institute, and no intervention on
the side of the parents is required. Some special cases require submitting a request, such as home birth, adoption,
and so forth.

4It's worth noting that the total fertility rate (average number of children per woman) is around 3 in Israel, the
highestamong the OECD countries, which average at around 1.6.
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2.1.1 Literature on the Impacts of the Reform

Past research has shown that the reform in child bene�ts exerts some impacts on children and

parents in general, as opposed to our focus on insuring e�ects. In a recent contribution, Kott

(2022) uses a regression discontinuity design that leverages the fact that, by design, bene�t

changes were less acute for children born before June 2003, to study the impacts of the reform

in child bene�ts on children's educational outcomes. He �nds an e�ect of a 2.3 percentage point

drop in the probability of securing a matriculation certi�cate for every USD 1,000 lost. However,

most of the impact he �nds is concentrated among low-income Jewish boys from the youngest

cohorts, which were born after 1995, the youngest cohort in our sample. Accordingly, in our

sample that includes children who were born before 1995, we �nd little evidence for impacts

on the regression discontinuity design. For further detail, see Appendix C.3. The change in

child allowance also a�ected fertility rates (Toledano et al., 2011; Cohen et al., 2013) 5 and there

is some evidence that they also a�ected the labor supply of females with multiple children

(Mazar et al., 2018).6

2.2 Other Main Changes

In addition to the reform in children's bene�ts, the government introduced changes to two

main social welfare programs: unemployment insurance and income support. Details of the

programs and the changes made in the reform are in Appendix B. We brie
y discuss the scope

of these changes and their relation to this work.

Unemployment insurance (UI): Unemployment insurance in Israel is a function of pre-displacement

wage and is given to workers who are laid o� until they �nd a job, or up to a maximal period

which depends on demographics.

5Toledano et al. (2011) �nd that child bene�ts for larger families increased the probability of an Arab woman
giving birth by approximately 6-7%, while the probability for an ultra-orthodox Jewish woman increased by about
3%. Cohen et al. (2013) corroborates this, demonstrating a positive, statistically signi�cant e�ect of child subsidy
on overall fertility. Cohen et al. (2013) also highlights an income e�ect on fertility, which was found to be negative
at low-income levels and positive at high-income levels.

6Mazar et al. (2018), using a di�erence-in-di�erences design, show an increase of approximately 4.3 percentage
points in the labor supply of women with four or �ve children and an approximate 2.8 percentage point increase for
men with the same number of children. The combined �ndings from these studies reveal a myriad of impacts of the
child bene�t reforms, family income, fertility, and labor supply, with some implications for children's educational
outcomes.
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Changes to UI were made both in the extensive and intensive margins. First, UI eligibility

requirements were made more stringent. Before the reform, to be eligible for UI, a laid-o�

worker was required to work for a qualifying period of at least six months out of 12 or 9 out of

18 before the unemployment spell started. After the reform, the qualifying period was changed

to 12 out of 18 months. This change will not a�ect the eligibility of workers in our sample, as we

restrict our attention to high-tenured workers working at least three years in the same �rm, all

of whom are eligible both under pre- and post-reform conditions. Further detail on the sample

restrictions and de�nitions are in Section 5

Second, amounts were changed in several ways, amongst which are corrections to the discount

rate scheme and changes in bene�t periods. These changes, however, are minor, especially

relative to changes in child bene�ts. To illustrate this, we assign each family their potential

unemployment insurance, based on their work history and all other relevant observables ac-

cording to the UI schedules.7 In Figure B.2, we present the bene�ts calculated for families of

di�erent characteristics, such as wage levels, age, and the number of children. As can be seen,

UI amounts are stable across the period.

Income Support (IS): Income support is a governmental �nancial aid designed to ensure a

minimum standard of living for families with low to no income. This bene�t is akin to conven-

tional income support systems implemented in various other countries, often re
ecting a social

safety net objective. In Israel, it is either provided as basic income in cases of no income at all

or as a supplementary income for those who earn less than the maximal IS bene�t. Eligibility

is based on two main tests, income, and employment, but is also conditional on owning assets,

such as a car or real estate, which revoke eligibility.

The amount paid to bene�ciaries depends mainly on their income, family status, and the num-

ber of children. The changes that were introduced in the reform were intricate since they were

made to all parameters that determine the amounts and are set in proportion to the average

wage (at around 35% on average in 2002). Overall, an eligible family before the reform was to

receive between 25 to 50 percent of the average wage and 20 to 40 percent after it.8

For several reasons, the change in IS is not expected to a�ect our population of interest, namely,

7Details of the way we simulate bene�ts, and the exact changes to UI, are in Appendix B.
8The Statistical Quarterly of The National Insurance Institute, retrieved using Wayback Machine
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our selected job-loss families. The workers in our population of interest are relatively high-

tenured and stable earners before being laid o�. Full-time workers likely own some assets,

such as a car, that would revoke their eligibility. Additionally, in our main analysis, we exploit

the variation in the number of children, which is not a formal criterion for either eligibility or

the amount of income support bene�ts. Furthermore, even for the small portion of workers

that might have been eligible, eligibility and amounts received depend on income that includes

UI bene�ts. That is, only if UI bene�ts (including all other household incomes) are lower than

the maximal IS bene�t, then a household is eligible for it during the UI period. Even if this

condition holds, the amount paid would only be the di�erence between the UI bene�t and the

IS maximum. Lastly, IS take-up in our period of interest is low, estimated at around 50% in 2013

(Gotlib, 2021) among the eligible families. 9

To illustrate the changes in IS as well as child bene�ts and UI, We simulate the bene�ts a family

would receive in the �rst year after job loss for every year in our sample period. When cal-

culating IS bene�ts, we account for two sources of uncertainty in determining eligibility and

amounts. First, the low take-up rate. In our simulations, we use the estimated value of %50

from the year 2013, which is expected to be even higher than in the early 2000s (Gotlib, 2021).

Second, inferring IS bene�ts from the administrative data is inaccurate. Out of those who are

potentially eligible according to their income and characteristics in the administrative data, only

half are actually eligible for IS. We incorporate the estimates for take-up by family character-

istics and inference errors from Gotlib (2021) to calculate the expected bene�t a family would

receive in our sample. As can be seen in Figure B.2, the implied change in IS due to the reform

is negligible for our sample.

3 Parameters of Interest

Our study aims to estimate the impact of government transfers on the treatment e�ects of job

loss. To identify such a parameter, we exploit two research designs. The �rst is based on com-

paring displaced and non-displaced workers conditional on a set of controls assuming selection

of observables. The second utilizes a di�erence-in-di�erences approach, exploiting the sudden

9Gotlib (2021) argue that the low take-up is a result of stringent eligibility conditions, which include meeting an
o�cial and is perceived as stigmatizing.
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change in child bene�ts generosity. In this section, we brie
y outline the assumptions and tar-

get parameters of each part. A more formal and detailed description using a potential outcome

framework is provided in Appendix C.

We have a population of N p parents, indexed by j , each of which has nj ¡ 0 children, indexed

by i . Therefore, the child population is comprised of N c �
° N p

j nj children. We use the function

J : Z Ñ Z to indicate that J piq is the parent of the child i . We start by presenting the job loss

treatment e�ect parameters and then turn to the impacts of the reform.

3.1 Job Loss E�ects

Our �rst parameter of interest is the treatment e�ect of parental job displacement, which we

denote as� p for the e�ect on parents, and � c for the e�ect on children. In the absence of an ex-

periment, estimating � by naively comparing the outcomes of parents and children by whether

the parents were laid o� poses signi�cant challenges in identifying the true causal e�ect. In par-

ticular, unemployed workers tend to be negatively selected (Davis and von Wachter, 2011), and

a parent's innate abilities are inherited by their children (Sacerdote, 2007; Fagereng et al., 2021).

To overcome these issues, we assume that selection into treatment is explained by a vector of

child-parent pair pre-displacement characteristics Z i � p X J pi q; X i q. Therefore, comparisons of

displaced and non-displaced workers within Z i values identify the impact of job loss.

Even with rich and comprehensive data such as ours, this is a strong assumption. We rely on

a long literature in labor economics estimating the e�ects of job displacement in mass layo�s

on adults based on the Jacobson et al. (1993) (JLS) approach and show that our results are

comparable to the job loss e�ects estimated in developed countries. Moreover, by estimating

� p before displacement on outcomes that are not included in X j , we present evidence on pre-

displacement di�erences between treated and control units. 10

In addition, estimating � requires an additional standard assumption of overlap over values of

the propensity score among displaced and non-displaced workers. In Section 6, we describe our

estimation strategy and provide further evidence that our setting satis�es the common support

10Note that this is a stronger assumption than the \parallel trends assumption". We do not only reject di�erences
between treated and control units in the rate of change of outcome pre-displacement, but we also require that the
levels should be the same on average.
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assumption.

3.2 The Impact of Government Transfers on the Impact of Job Loss

The second set of parameters we set to estimate is' p and ' c, the e�ects of cash transfers on

the e�ects of job loss for parents and children, accordingly. To that end, we recognize that

the reform in children's bene�ts generates variation in exposure to cash transfers both by time,

before and after 2003, and by family size, in particular for families with above and below three

children. We exploit this variation by using a di�erence-in-di�erences research design. While

this design is standard in the literature, our approach is di�erent as it employs a di�erence-in-

di�erences strategy on job loss impacts rather than on outcomes directly.

Among parents, the di�erence-in-di�erence parameter compares the impact of job loss on labor

market outcomes before the reform to the impact of job loss after the reform among families

of di�erent numbers of children. Among children, we restrict attention to the �rst-order im-

pact of government transfers in the year of job loss. i.e., we compare children whose parents

experienced job loss in the years before the reform to children whose parents experienced job

loss in the years after the reform. In Appendix Figure D.9, we provide evidence of no meaning-

ful e�ects of the second-order interaction between job loss and change in transfers on di�erent

years, i.e., we �nd no signi�cant additional impact of losing a job in year t and losing bene�ts

only a years later rather than in the year of job loss or before. The identi�cation assumption

of the di�erence-in-di�erence parameter is the well-known parallel trend assumption. It states

that the average job-loss impacts for families with high and low levels of bene�ts would have

followed parallel paths in the absence of the treatment.

To estimate ' , note that the di�erence-in-di�erence parameter is comprised of three di�erences:

job-loss status, bene�ts eligibility status, and time. Hence, it can be estimated using a triple-

di�erence (DDD) model interacting both job loss, time, and family size after adjusting properly

for covariates Z i . To support the parallel trends assumption, we test for pre-trends in the DDD

coe�cient of the impacts of the reform before the reform was enacted.

In the following sections, we �rst present the data sample restrictions and treatment de�nitions

as the basis of our empirical analysis. We then turn to estimate � p in Section 6.1, and in Section

6.2 we estimate� c. Finally, we estimate ' p and ' c in Section 7.
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4 Data

In this work, we use administrative data assembled by the Israeli Central Bureau of Statistics

(CBS). The data covers the entire registered Israeli citizens for the cohorts of 1950-1995 and

their parents, totaling roughly 100 thousand individuals per cohort on average. The data is

composed of three main sources: Tax records, education records, and the population registry.

From the Tax Authority, the data includes employer-employee and self-employed tax records

at a yearly level for the years 1995-2019.11 At the �rm level, the data includes a unique �rm id,

number of employees, 3-digit industry code, and total payroll for each year. At the worker level,

this data records separate jobs on a yearly basis at each employer, with the number of months

of employment at each job and gross yearly earnings.

From the Ministry of Education, we merge to each individual their school identi�ers and city,

high-school matriculation scores, subjects and majors, and parents' education attainment.12

From the civil registry records, we match detailed information on demographics, including

gender, year of birth, date of immigration and country of origin of children, parents and grand-

parents, identi�ers of siblings, an identi�er of a spouse, and the month and year of birth for

every child.

Although we do not directly observe bene�ts transferred to parents, we can reconstruct these

transfers from the available information. Further details on how we simulate bene�ts over time

are in Appendix B.4, and the sources we used to trace the details of the reform are in Appendix

B.

Outcomes: The primary outcomes for children in our study are educational achievements,

speci�cally high school matriculation exam scores and attainment of the matriculation certi�-

cate, known as \Bagrut". To secure a Bagrut certi�cate, students must pass a series of standard-

ized national exams administered during the �nal two years of high school, with the majority

11Information on self-employment is a unique feature of our data, which we use to construct household income.
Note, however, that we observe self-employment only for the years 1995, 1999, 2000, ..., 2017.

12Parental education is generated from various sources, from which we comprise a unique variable for every
parent that codes whether the parent has an academic degree. We do so by combining information from the Ministry
of Education, the 1995 and 1983 censuses, and CBS's social and immigrant surveys for the individuals who were
surveyed. Using this method, 20% of the parents have at least a Bachelor's degree, aligned with publicly available
information.
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of these exams taking place in the last year when students are typically 17-18 years old. Each

successful exam contributes between one and �ve points towards the minimum requirement

of twenty points needed for a Bagrut. Both students and their teachers have the 
exibility to

choose the pro�ciency level of the exam each student takes, with higher pro�ciency levels yield-

ing more points. They also have the option to select elective subjects in addition to the required

core subjects.13 The attainment of a Bagrut certi�cate is a critical factor in children's future labor

market outcomes, as nearly all post-secondary institutions mandate it for admission. Conse-

quently, failure to acquire a Bagrut can signi�cantly restrict students' opportunities for further

education and, ultimately, their prospects in the labor market.

We de�ne two primary outcomes for children. First, we de�ne Bagrut certi�cate attainment as

a binary variable assigned a value of 1 if the student has received the certi�cate and 0 otherwise.

The second outcome is the math exam result, which is also a binary variable assigned a value

of 1 if the student's score exceeds the mean within their cohort, and 0 otherwise. It's important

to note that in both instances, a value of 0 is attributed to students who either fail or do not have

a registered score.

For parental labor market outcomes, we use employment and yearly earnings from work. Em-

ployment status is de�ned by a binary variable that is assigned a value of 1 if the worker's

annual earnings exceed 10,000 NIS (approximately 3,000 dollars) and 0 otherwise. We also

consider the spouse's earnings, as well as earnings from self-employment, and the total house-

hold income, which is the sum of parental earnings from all sources in our data.

5 Job Loss De�nition and Sample Restriction

Similarly to administrative data sets in the U.S. and other countries, our data contains no di-

rect information regarding the reason for job separation. Therefore, we follow the literature

(Bertheau et al., 2022; Schmieder et al., 2022) in using a data-driven approach to identify ex-

ogenous job separations due to mass layo�s and �rm closure events. We start by restricting

the sample to all the parents with at least three years of tenure with the same primary em-

ployer. Therefore, our analysis refers to long-tenured workers who are highly attached to the

13For instance, math, English, and history are core subjects, while physics, biology, or theatre are considered
electives.
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labor market before displacement. We consider job displacement events in the years 1999-2009,

thereby ensuring that we observe each displaced worker at least �ve years before displacement

and ten after. We include only parents with at least one child born between the years 1974 to

1995, the cohorts for which we have Bagrut data, graduating in 1992-2013. Therefore, our chil-

dren's age at displacement range from 4-35. Appendix Tables D.1 provide the frequencies of

treated children in our sample by cohort and the age when the parent was displaced from the

job.

On the �rm side, we restrict attention to �rms with at least 40 employees 14 excluding workers

in nonrelevant industries as detailed in Appendix Section A, such as government employees,

similarly to Schmieder et al. (2022), to avoid false detection of mass layo�s in sectors that are

unlikely to have them, or that are under very di�erent employment agreements and condi-

tions compared to the private sector. We classify a �rm as experiencing a mass layo� event

if it experienced a drop of at least 30% in monthly employment in one year. Importantly, we

distinguish between actual permanent separations and events such as mergers, takeovers, or

changes in employer identi�cation numbers. To avoid classifying a �rm undergoing acquisi-

tion, outsourcing, or a change in �rm identi�er as one that experiences mass layo� event, we

generate a cross-
ow matrix of workers between �rms and consider a �rm experiencing a mass

layo� event only if fewer than 20% percent of the laid-o� workers are going to the same single

employer.

The comparison group is constructed of the sample of all workers who do not belong to the

above population of displaced workers at any period in the data. Then, we restrict attention

to long-tenure workers who follow the same restrictions on �rm size and tenure in non-mass-

layo� �rms. To avoid detection of retirement, we restrict the sample to workers aged 25-55 in

the year preceding the job displacement event. Further details on the sample restrictions and

construction procedure are in Appendix Section A.

Propensity Score Having de�ned the treated (displaced) and non-treated populations in our

data and following our identi�cation strategy outlined in Sections 3, we estimate a logit-based

propensity score to predict the probability of each child-parent pair experiencing a mass layo�

14The minimal �rm size used in the literature is 50. Instead, we use 40 to increase our sample size in subsequent
analyses. Using 50 does not qualitatively a�ect our result.
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event. We exploit the richness of our data by including a long list of features in the propensity

estimation, including both parent characteristics, X j pi q, and child characteristics, X i . Parent

characteristics include second-order polynomial of earnings in the three years before displace-

ment, pre-displacement �rm characteristics such as �rm size decile dummies, �rm �xed e�ect

decile dummies, 1-digit industry dummies, tenure years, cubic age times gender, the job loss

year dummies, district of residence at the time of displacement, ethnic group, post-secondary

degree attainment both parents and spouse's earnings in the two years before displacement.

Child characteristics ( X i ) include the child's year of birth dummies and gender, as well as the

number of siblings born up to the displacement year.

For every child-parent pair pi; j q, for which J piq � j , we denote p̂ij � P̂rpD j � 1|X j ; X i q, the

predicted propensity score, where D j P t0; 1u, is an indicator that equals one if parent j was

displaced in a mass layo� event, and zero otherwise. We exploit p̂ij to estimate the Average

Treatment e�ect on the Treated (ATT) using inverse probability weighting (IPW). Speci�cally,

to estimate � c on the children population, we use the weights ŵp9 p̂ij
1� p̂ij

to reweight each child

observation with a non-displaced parent to match the distribution of characteristics of the dis-

placed workers. To estimate � p on the parents' population, we attain the propensity score

at the parent level, p̂j , by employing the law of total probability calculating p̂j with a within-

parent weighted average of each parent-child pair p̂ij .15 We then re-weight the control group

of parents with the same weights, thereby matching the distribution of parents' non-displaced

characteristics to displaced.16

As mentioned in Section 3, identi�cation requires su�cient overlap across the values of the

propensity score between treated and control units. We trim our sample to include observa-

tions with a propensity score in the minimal overlap range between the displaced and non-

displaced groups and omit observations with weights that are larger than the top 99.5%. In

Appendix Figue D.1 we present the full distribution of the propensity scores of displaced and

15By the law of total probability:

pj � PrpD j � 1|X j � cq �
¸

x

PrpX i � x|X j � cqPrpD j � 1|X j � c; X i � xq

becauseX j includes continuous and �ne measures of workers' characteristics, we approximate PrpX i � x|X j � cq
with PrpX i � x|J piq � j q.

16We have conducted a similar analysis using the more common approach in the literature of matching and get
the same qualitative results with larger standard errors. For further discussion about IPW and a comparison to
matching methods, see Busso et al. (2014).
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non-displaced groups.

5.1 Summary Statistics

Table 1 presents the means and standard deviation of children and parents' pre-displacement

characteristics. Column (1) presents the characteristics of the non-displaced population, from

which we draw families to match the job loss population. Columns (2) and (3) present the

treated and control groups after applying a reweighing to the control group, while column (4)

presents the di�erence between treatment and control means with standard errors in paren-

thesis.

First, note that covariates balance across the two groups after matching. Second, it can be seen

from the table that job loss families (and the control group) are negatively selected compared

to the entire population. Job loss parents are more likely to have lower earnings before dis-

placement, are less educated, work in smaller, lower-paying �rms, and are more likely to be of

minority groups, such as Ethiopians and Arabs.

6 The Impacts of Job Displacement

6.1 Job Loss E�ects on Parental Outcomes

Figure 3 presents the average labor market outcomes of parents for both job loss-a�ected fam-

ilies and the inverse probability weighted control group, where t are the years relative to the

job loss event year, t � 0. Outcomes include employment, earnings, spouse earnings, self-

employment earnings, and total household earnings. We use these results for two goals, �rst,

to study the impact of job displacement on parents, and second, to validate our identi�cation

assumptions from Section 3 and Appendix Section C.

The impact of job displacement on parents in Israel is substantial and long-lasting. Compared

to previous �ndings from other countries (e.g. Bertheau et al., 2022), we �nd that the e�ects of

job loss in Israel on labor market outcomes for displaced workers are deep, persistent, and on

the higher end of the range of results from other developed countries. 17 The short-run drop in

17The short-run e�ects of job loss on parents in Israel are large relative to results from other countries, while the
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employment, namely in the �rst year, is almost 30% as shown in Panel a), implying that %30

of parents did not �nd any job in the year following their displacement. The drop in earnings

relative to pre-displacement earnings is around 50% (Panel B), or 70,000 Israeli Shekels (Panel

C). In the longer run, ten years after displacement, these e�ects shrink to a level of around 7%

in employment and around 15-20% (30-35 thousand Israeli Shekels) lower earnings.

Job displacement generates a shock to the family as a whole, which we can observe here in terms

of the worker's spouse's labor market outcomes. Panel (d) depicts a short-run uptick in spousal

earnings in the year of job loss for those who have a spouse, suggesting a labor supply response

at the household level and, importantly, that the job loss shock a�ects not only the outcomes

of the displaced worker. This increase in spouse earnings, along with a small increase in self-

employment earnings (Panel (e)), o�sets the e�ect of job loss on total household income only

in the year of displacement but not in the years after the �rst year nor in the long run, as shown

in Panel (f). This result resembles in spirit the idea of the added-worker e�ect as in Lundberg

(1985) and is generally in line with the results in Stephens (2002), which shows that the spouse

response is short-lived and small.18

To test our identi�cation assumptions, we leverage the fact that we did not match parents

based on all of these outcomes in pre-displacement periods. We estimate the propensity score

based on pre-displacement outcomes from the three years before displacement, excluding self-

employment earnings (panel e). We �nd that pre-displacement self-employment earnings lev-

elsare equal on average between the displaced and non-displaced workers, supporting the con-

ditional independence Assumption A1.

long-run e�ects are similar in size to other studies. For example, Lindo (2011) �nd a drop of around 40% in �rst-year
earnings, and a 26% drop, in the long run, using the PSID. Using tax records data, Hilger (2016) �nds a 30% drop in
father earnings in the short-run, while family income dropped by only 14% in the �rst year. Uguccioni (2021) �nds
a constant 30% drop in father income using administrative data in Canada. In Scandinavian countries, e�ects are
even smaller, with, for example, an initial drop of 30% in father earnings in Finland (Huttunen and Riukula, 2019),
and small e�ects on both disposable income and unemployment in Sweden, with values under 10% (M •ork et al.,
2020). However, e�ect sizes in Israel do resemble those found in Brazil by Britto et al. (2021), at around 50% initial
drop in earnings, and a very small e�ect on spousal income, such that household income resembles the displaced
worker's earnings.

18Our results are somewhat at odds with Halla et al. (2020), who also �nd that the spouse's labor response has
limited e�ect on total household income, but there the impact lasts for longer, and at least �ve years after husband
displacement whilst we �nd only shorter-term e�ects.
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6.2 Job Loss E�ects on Children's Education

Next, we turn to estimate � c, the propagating e�ects of parental job loss on children's high

school outcomes. We �rst estimate the aggregate e�ects of job loss and then turn to study the

dynamics of the e�ects with age and their heterogeneity with respect to parental income and

displaced parent's gender.

In our analysis, we focus on the e�ects of parental job loss on key high school performance

indicators: the probability of attaining a Bagrut certi�cate and the probability of completing

all the math Bagrut exams and scoring above the median. Since these outcomes are realized

between the ages 17-18, we estimate� c separately for children whose parents were displaced

before and after age 18. Therefore, the e�ect of job loss after age 18 serves as a placebo test. In

all our estimations, we re-weight the control group with the ATT inverse probability weights

introduced in section 5. To estimate � c by age groups, we run:

yi �
J¸

k� 1

� c
k � 1t agei Pku � Di �

J¸

k� 1


 k � 1t agei Pku � " i (1)

Where Di is a dummy for whether child i 's parent experienced job loss, and agei is the age of

the child when the parent was displaced. 1; :::; J are the age bins of children's age at parent's

displacement. � c
k , therefore, gives the e�ect of parent job loss among children whose parent

was displaced when she was in age group k.

Table 3 presents the estimation results of Equation 1 stratifying the age group to above and

below age 18. Column (1) shows that children whose parents lost their jobs by age 18 are 1.4

percentage points less likely to secure a Bagrut certi�cate. The estimates for the e�ects post

outcome realization (above 18) are small and insigni�cant, supporting our identi�cation as-

sumption of no selection into treatment. Interestingly, the total mean e�ect masks substantial

heterogeneity by family earnings. As seen in column (2), the e�ect on the matriculation cer-

ti�cate more than doubles in size when we introduce an interaction with a dummy for family

income above the median. This implies that children born to below-median income families

whose parents lost their jobs unexpectedly su�er from a 3.7 percentage points lower probabil-

ity of securing a matriculation certi�cate, a reduction of more than 10 percent e�ect relative

to the unconditional mean in Matriculation attainment in our sample. Columns (3) and (4)
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display a very similar pattern for the e�ect on math exam scores, which is an important indica-

tor for performance in the matriculation exams, and found to be strongly related to later labor

market outcomes (Lavy, 2020; Angrist and Lavy, 2009; Ben-David and Kimhi, 2020). This e�ect

amounts to about 7 percent e�ect relative to the sample mean once we focus on lower-income

families.

Table 3 presents the estimated e�ects of parental job loss on children's high school outcomes.

The coe�cient of the interaction between job loss and high-income families is qualitatively

small, positive, and statistically insigni�cant from zero, implying that the e�ects of job loss

on children are concentrated among children from low-income families. Such results could be

driven by several mechanisms. For example, �nancially constrained families may have a harder

time coping with the loss of income and struggle to prevent the propagation of the shock to chil-

dren, as suggested in Cooper and Stewart (2017). Another explanation could be that the time

spent at home for higher income families, which are on average associated with higher human

capital, could outweigh the e�ects of lost earnings, as suggested in Liu and Zhao (2014). The

aggregate e�ects we �nd are in line with the general conclusions in the literature: job loss ap-

pears to have detrimental impacts on children's school performance, and the e�ects are stronger

for low-income families. 19. This result can be partly explained by the patterns in our data, as

discussed in Section 6.1, regarding the e�ects of job loss on parents by income. There we show

that these families enjoy much higher levels of income in absolute terms, even after job loss

and despite the drop in earnings, which may mean lower elasticities of child human capital in-

vestments with respect to income. In addition, the earnings shock relative to pre-displacement

levels is similar between low and high-income families, while the self-employment and spousal

income responses somewhat dampen the e�ects in higher-earnings families.

Figure 4 extends this analysis to �ner age groups at parental job loss and whether it was the fa-

ther or mother displaced. Sub�gure (a) presents the results from securing a Bagrut certi�cate,

and sub�gure (b) for math exam performance, i.e., scoring above the median in the matricula-

tion math exam. First, in accord with the �ndings in Table 3, only children from lower-income

families experience negative e�ects, and only before outcome realization.

Interestingly, we �nd substantial heterogeneity in the impacts of job loss on children by the

19For a review, see Ruiz-Valenzuela (2020, 2021)
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child's age at the time of parental job loss, whereby the e�ects on children from low-income

families decrease with age. That is, the younger the child is at parental job loss, the larger the

harm to her education outcomes. The e�ects are as high as 6 percent on the math exam outcome

and 8 percent on the Bagrut certi�cate for the younger age groups. While we �nd substantial

heterogeneity in the impact of job loss on children by their age at loss, in Appendix Figure D.3,

we do not �nd a similar pattern for parents. This suggests that the child age e�ect variation

is not driven by variation in family characteristics that might be correlated with the age of the

child at the time of displacement, such as parental age.20

The dynamic pattern of job loss e�ects by age could re
ect di�erent mechanisms of the hu-

man capital production function. On the one hand, in line with Cunha and Heckman (2007),

it could be attributed to the excess importance of younger ages in human capital development.

Another possibility is that due to the nature of the job loss scar, which lasts years after the lay-

o�, a shock at a younger age implies longer exposure to a family with fewer resources. Such

accumulating exposure e�ect was also found in the literature on neighborhood e�ects on chil-

dren outcomes (Chetty et al., 2016; Chetty and Hendren, 2018a,b). As of now, exploring the

mechanisms behind the age-dependent pattern of e�ects is outside the scope of this paper.

While in this work we present the e�ects of job loss experienced by both mothers and fathers,

the more common practice in the literature is to focus on fathers only (e.g. Oreopoulos et al.,

2008). Figure 5 presents the dynamic e�ects of job loss by the gender of the parent who was

displaced. Interestingly, the e�ects appear to be mainly driven by fathers' displacement. 21 This

pattern is in line with the models in which investment in child's human capital can be either

acquired in the market or produced at home using time (Gronau, 1977; Galor and Weil, 1993),

acknowledging the fact that home child care and career aspirations are trade-o�s that mothers,

rather than fathers, face under the current social norms (Goldin, 1995; Bertrand et al., 2010;

Goldin, 2014; Wasserman, 2023). Therefore, if mothers are more e�ective in rearing and home

production of children's human capital, there is a tradeo� between the e�ects of job loss on the

20This pattern of e�ects on children by age is similar to that found in Uguccioni (2021). The main di�erence to our
approach is that Uguccioni (2021) uses UI recipients in Canada to identify job losers, as opposed to jobs lost via mass
layo� events. Uguccioni (2021) estimates e�ects on college attainment and later earnings with a similar pattern to
ours, from age two up to around age 12, and null thereafter. The e�ect on college attainment is around 2.5% and
around three percentiles on income rank. Our �ndings are, however, at odds with the �ndings by M •ork et al. (2020),
who use a similar design on Swedish data. They �nd no e�ects on children's education outcomes, perhaps due to
the relatively small job loss e�ects on parents that they observe in their setting and the comprehensive social welfare
instituted in Sweden.

21We caveat that the children whose mothers were displaced are a smaller group, hence the noisier estimates
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family resources on the one hand and the added childcare home production on the other. This

pattern could also be explained by the fact that women are less likely to be the \breadwinners"

in the household, and losing their jobs has less of an impact on family resources.

To further shed light on this matter, we circle back to the e�ects of job loss on parents. Appendix

Figure D.5 presents the e�ects of job loss on parents by the gender of the parent. There we see

large di�erences in earnings and a large di�erence in the tendency to turn to self-employment,

whereby fathers who experience job loss increase their income from other sources almost three

times more than mothers, while mothers tend to remain unemployed slightly more than men

after the �rst year of job loss, implying that mothers are more likely to turn to home production

compared to fathers after job loss. Notwithstanding this, it is also evident that the proportion

of earnings of fathers out of the total family income is twice as large as that of mothers, meaning

that the loss of a father's job is more impactful for family resources than the loss of a mother's

job on average.

To test for the validity of Assumption A1, we add a placebo test by introducing outcomes that

are realized even sooner than high-school graduation, and before job loss. To do so, we utilize

the children's scores in the national standardized school evaluation exams, Meitzav, admin-

istered by the Israeli Ministry of Education. 22 The Meitzav exams cover several key subjects,

including mathematics, science, English, and Hebrew/Arab language skills, mimics the PISA

exam administrated by the OECD. This exam is administered at a random representative sam-

ple of schools, which in our sample amounts to a tenth of the children in the full analysis sample.

The Meitzav exams are taken by students in the 5th and 8th grades. Hence, if the parental shock

a�ects performance, we expect to �nd null e�ects in the years after the exam is taken, and not

only after age 18, as we saw in the e�ects on high-school matriculation exams.

Table 4 presents� c in terms of standard deviations by three age groups. Column (1) presents

� c for the 5th-grade exam, and column (2) presents the results for the 8th-grade exam. In the

rows, we look at � c by age categories of the child at parent's displacement: before the exam

age (before age 11 for the 5th-grade exam, and before age 13, for the 8th-grade exam), after

the exam age but still in school (up to age 18), and after age 18. Due to the small number of

observations, of around a tenth of the full job loss sample size, the results are noisy. However,

22\Meitzav" is an acronym in Hebrew that translates to \School E�ciency and Growth Measures".
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focusing on the point estimates, we do �nd a large negative point estimate for the e�ects before

the exam of around 0.024 to 0.031 lower standard deviations. In addition, the point estimates

after the realization of the exam are much smaller and closer to zero.

7 The Child Bene�ts Reform and the Mitigating Role of Government

Transfers

Thus far, we have established that the repercussions of job loss are substantial, a�ecting par-

ents and their children alike. These observations underscore the signi�cance of parental career

stability in shaping children's human capital. In this section, we turn to estimate ' , the e�ect

of the cut in child bene�ts in mitigating the impacts of job displacements.

7.1 Showing the Data: Baseline E�ects in Di�erence in Di�erences Tables

In our estimation, we rely on the variation across three dimensions: the timing of job loss rela-

tive to the reform, the incidence of job loss itself, and the number of children in the household,

which determines the drops induced by the reform in child bene�ts. To clearly outline the

variation in outcomes along these dimensions, we �rst present the averages for each group of

job loss and control households, before and after the reform, and separately by family sizes, in

2-by-2 di�erence-in-di�erences tables. 23

Table 5 demonstrates how earnings and employment have changed before and after 2003 for

displaced and non-displaced workers, for both the control and laid-o� groups. 24 We note two

main conclusions from these tables. First, the average outcomes of the control group are practi-

cally unchanged after the reform relative to before the reform in both workers' earnings trends

and employment. Second, the point estimates of the double di�erences for both employment

and earnings are small yet positive, with values of 0.4 percent in earnings and 1.2 percent in

employment, although not statistically signi�cant.

23For the full dynamics of the e�ects of job loss on parents by the dimensions of our triple di�erences approach,
also showing the trends before displacement for each group in this analysis, see Appendix Figure D.6 and D.4.

24For control workers who were not laid-o�, we assign a \potential" job loss year, as described in Appendix
Section A. One year after the job loss year for these workers means a year that follows at least three consecutive
years of year-round employment with the same employer.
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Note, however, that it is not guaranteed that the di�erences in the job-loss treatment e�ects,

both for parents and children over the years, re
ect the causal e�ects of the reform. It may

re
ect, for example, changes in the composition of workers who have experienced job loss, 25

or a change in the labor market conditions that a�ect the impacts of job loss (Schmieder et al.,

2022). For this reason, we introduce the third di�erence, which re
ects the intensity of the

impact of the reform on households - the number of children that are under the age of 18 at the

time of job loss. We illustrate this relation in Figure 2, which shows that the more children are

in a household, the larger the drop in bene�ts received after the reform.

To observe the variation in e�ects with household size, Table 6 presents the same di�erence

in di�erences comparisons, broken down to small (up to 3 children) and large (4 children or

more) families. We �nd that in both earnings and employment, the reform has made small

non-signi�cant e�ects on smaller families, while larger families experienced shrunk e�ects of

job loss on earnings and employment. That is, workers from larger families experience smaller

job loss e�ects after the reform. Note, however, that the impacts on employment are noisy.

These results suggest that the reform has indeed a�ected the labor market response of workers

to a job loss shock since the main change that larger families experienced before and after the

reform and relative to the non-job-loss group, is to their monthly cash transfers. The response

in employment showcases a labor income e�ect: as income decreases, labor supply increases.

Concurrently, we �nd a large positive e�ect on earnings, which is not necessarily predicted

given the e�ect on employment. Speci�cally, workers from larger families, faced with an abrupt

job loss and a decrease in cash bene�ts, may be compelled to secure employment hastily, po-

tentially leading them to settle for lower-wage positions.

Tables 7 presents similar di�erence-in-di�erences tables with children's outcomes. First, we

see that there is a general trend of decreasing children's outcomes before and after the reform,

according to the control group. 26 Thus, the average Bagrut rate for the untreated sample drops

by almost half of a percent in the Bagrut, and there is a larger 2.5 percent decrease in math. A

larger trend in math outcomes may point to a general decrease in the quality of the high-school

25As we show in this paper, as well as been shown in the literature, the e�ects of job loss are highly heterogeneous
with respect to worker characteristics (Schmieder et al., 2022; Seim, 2019; Krolikowski et al., 2020; Lachowska et al.,
2020; Illing et al., 2021, e.g.,).

26This is also the case for the outcome means over the years for the unrestricted sample of students in Israel,
omitting our sample's treatment and control students. We show this in Appendix Figure D.8, which presents the
outcome averages across years for the entire population of students.
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diploma that students achieve or to a change in the standards and requirements of the exams

over time. As for the e�ects of job loss, a�ected students have around 1.3 percent lower average

outcomes in the baseline period in both outcomes. These e�ects increase substantially in the

period after the reform, to -3.3 in the Bagrut and -3.1 in Math.

Similarly to the exercise above with parents' outcomes, in Tables 8, we break the di�erences

down to small and large families. Again, if the reform has had a di�erential e�ect on larger

families, we expect it to manifest as a higher di�erence-in-di�erences for larger families. This

is indeed what we �nd. With the Bagrut certi�cate as an outcome, we �nd that smaller families

experience a reform e�ect of 1.1 percentage points, as evidenced by the di�erence-in-di�erences

estimate, while larger families experienced an increase in the e�ect of job loss after the reform

of almost 3 percentage points. The same pattern arises for the math performance outcome,

whereby the e�ects of job loss increase after the reform for both large and small families, by a

small increase for small families and a larger increase of 2.2 percentage points for larger families.

Note, however, that these �ndings are only suggestive of the changes that occurred, as the

coe�cients are non-signi�cantly di�erent from zero.

To support the parallel trends assumption underpinning the identi�cation of these estimates,

we need to demonstrate that in the absence of the reform, the impacts of job loss wouldn't

have diverged for those workers with larger families who were laid o� post-reform. Appendix

Figures D.7 and D.10 present the event study coe�cients � 7t from running the following model:

yi � � � � 1D i � � 2K i � � 3D i � K i (2)

�
2009¸

t � 1999 t � 2001

�
� 4t Yearti � � 5t D i � Yeart i � � 6t K i � Yeart i

�
(3)

�
2009¸

t � 1999 t � 2001

�
� 7t K i � Yearti � D i

�
� " i (4)

Where yi is the outcome for either child or parent i . D i is a dummy for job loss. K i is either

the number of children in the household or a dummy for a large family (with three children or

more) at the time of job loss. The dummy variables Year t i represent the year of job loss, with

2001 as the baseline year in the summation terms. The interaction term � 7t K i � Yeart i � D i
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allows us to estimate the di�erential e�ect of having more children at the time of job loss by

relative to 2001, with � 8t being the 3D coe�cients of interest. Unfortunately, this exercise is

underpowered and produces noisy estimates. Nevertheless, we do not detect signi�cant pre-

trends in any of the outcomes and groups.

7.2 E�ects by the Number of Children

To draw closer to understanding how the reform has changed the outcomes for workers and

their children, in this section, we study the relationship between the e�ects and family size and

map the e�ects from the number of children in the household to the money lost due to the

reform. We �nd that the relation between bene�ts lost and the e�ects of job loss on children

are approximately linear, which supports our parametric assumption in our triple di�erences

regression to follow, which produces our main result.

To establish the relation between the number of children to the e�ects of the reform, we turn

to estimate the e�ects of the reform separately by the number of children in the household by

running the following set of di�erence in di�erences regressions:

yik � � 1k � � 2kAfter 2003
ik � � 3kD ik � � 4kD ik � Af ter 2003

ik � � ik (5)

where Af ter 2003
i is a dummy of whether the job loss occurred after the reform, and D i is the job

loss indicator. yik is either parent or children outcomes. These regressions mimic the analysis

above presented in 2-by-2 tables in regression form, separately by �ner family size categories.

Figure 6 presents the estimates� 4k both for parents and for children wherein sub�gure (a)

we display the impact on children, and in sub�gure (b) we display the impact on parents'

employment and earnings before job loss (t=-1,0), and in the �rst two years after job loss (t=1

and 2). Panel (a) shows that the more children are in the household, the larger the job loss

penalty after the reform relative to before the reform for children. Interestingly, we �nd that

the e�ects change approximately linearly with the number of children in the household, with a

slope of around 0.42 percent per child in the Bagrut and 0.26 in math. That is, a child with one

more sibling whose parent experiences job loss will experience an additional decrease of 0.42

(0.26) percentage points lower probability of securing a Bagrut certi�cate (math).

27



Panel (b) illustrates the corresponding estimates on parents, focusing on employment and earn-

ings by the years relative to the job loss event year (before, during, and after). Notably, positive

e�ects on earnings and employment appear only for families with over three children, follow-

ing a stepwise pattern post-job loss. For families with three or fewer children, no signi�cant

changes were observed, suggesting the reform predominantly impacts larger families.

For larger families, earnings experienced a 5-12% increase post-reform, albeit with substantial

con�dence intervals. Employment showed a signi�cant e�ect of almost 8 percent only in the

�rst year post-job loss and only for families with at least �ve children.

The estimates from the year of job loss and the previous year provide a placebo test. Given

our focus on previously employed workers, the employment impact before displacement is,

by de�nition, zero. The pre-displacement earnings impact is near-zero, except for slight but

signi�cant e�ects for smaller families.

Next, we turn to estimate the monetary value of cash transfers in the �rst year after job loss on

families that experience job loss. We map the estimates presented above to the approximate

cash transfer drop in Figure 7. We do so by assigning to each family size category their yearly

total of child bene�ts change due to the 2003 reform in thousands of New Israeli Shekels, as

shown in Table 2, denoted B i . Note that variation in B i is driven almost entirely by the number

of children at job loss year and their birth years, as described in Section 2, but that the actual

bene�ts also depend on the date of birth of every child. 27

Figure 7 provides a visual IV of the relationship between the change in family bene�ts and the

impact of the reform on the e�ects of job loss, as if we treat the number of children in the house-

hold as an instrument for the change in bene�ts. The slope of the linear �t describes, therefore,

the relationship between government transfers and children's high school outcomes and par-

ents' labor market outcomes. In Panel (a), we show that a decrease of 1,000 Israeli Shekels in

annual bene�ts received implies a decrease of 0.15 percentage points in the probability of se-

curing a Bagrut certi�cate and a decrease of 0.08 percentage points in the probability of taking

the math exam and score above median among families that experience a parental job loss.

From Table 3, the average job loss penalty before the reform was 1.3 (1.4) in the Bagrut (math),

27For the purposes of this exercise, this is a good approximation. In our analysis to follow, we assign each child
and parent their accurate bene�ts according to all the relevant information.
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meaning that every 1,000 Shekels lost increases the e�ect of job loss by 11.5% (6%) on average.

In Panel (b), we conduct the same exercise on displaced parents' earnings and employment

one year after displacement. Imposing this linear relation, the �tted line has a slope of almost

one percentage point in earnings and half a percentage point in employment. This implies

that a decrease of 1,000 Shekels generates an increase of 1 percent in earnings and 0.5 percent

in employment, illustrating that the reform did generate an income e�ect among parents and

increased, to some extent, their labor supply. The impact of job loss before the reform one

year after displacement is 47 percent on earnings and 27 percent on employment (see Table 5).

Thus, every 1,000 Shekels lost in the reform translate to around 2% smaller job loss e�ect on

both earnings and employment.

7.3 Triple Di�erence Estimation: The Shekel-Value E�ects

The goal of this section is to estimate the Shekel value of the reform on the impact of job loss.

We do so by assigning to each household their yearly total of child bene�ts for each year in our

�rm events period, as if they had lost their jobs in that year, keeping household characteristics

�xed to their job loss year. For example, for a parent who lost her job in 2005, we assign the

child bene�ts they would have received if the event happened in 2001 and 2004, given their 2005

characteristics. We de�ne B i � Benef its i; 2001 � Benef its i; 2004 to be the potential loss of child i

due to the 2003 reform in thousands of New Israeli Shekels. Note that variation in B i is driven

almost entirely by the number of children at job loss year and their birth years, as described in

Section 2, although here we also incorporate the information about the year and month of birth

of each child in the family, for a more accurate account of the transfers received.

We rely on the results above and combine them in a triple di�erence model. We impose addi-

tional structure to the analysis of a linear relationship between the e�ects and the loss in cash

transfers and use the following regression speci�cation:

yi � � � � 1After 2003
i � � 2B i � � 3D i (6)

� � 4D i � Af ter 2003
i � � 5After 2003

i � B i � � 6D i � B i

� 'B i � Af ter 2003
i � D i � X 1

i � � " i
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where the outcome variables, yi , represent both parental and child outcomes. The dummy

variable Af ter 2003
i indicates whether the job loss took place post-2003, while D i is a binary

variable denoting job loss. B i quanti�es the potential bene�t loss for household i due to the

2003 reform, measured in thousands of New Israeli Shekels. In our results, we also present the

number of children under 18 in a household as an alternative for the bene�t change variable

B i . A set of control variables ( X it ) is also incorporated into the model, including pre-reform

parental earnings, the child's gender, ethnicity, and year of birth dummies for the parent or the

child. The interaction term B i � Af ter 2003
i � D i captures the di�erential e�ect of the reform

on families who experienced job loss, with the associated coe�cient ' being our parameter of

interest. Speci�cally, ' quanti�es the impact of a yearly loss of approximately 1,000 Shekels in

child bene�ts due to the reform on families experiencing job loss. Informed by the results from

Section 6.2, we run these regressions strati�ed over family income levels as well.

Parents: Figure 8 presents the' coe�cient from Equation 6 on parents' employment and earn-

ings for di�erent years after the job loss year, separately by parents' earning levels. Each coef-

�cient in the graph corresponds to a separate regression and measures the e�ect of the reform

of the job loss penalty on employment and yearly earnings. The top panels present the e�ect of

having an additional child at the time of job loss, while the bottom panels present the e�ect of

lost bene�ts. 28 In line with the results in previous sub-sections, we �nd that the labor supply

of low-income parents who experienced job loss responds positively to the number of children

and lost cash transfers. That is, job-losing workers who experienced a higher loss in bene�ts re-

turned to work sooner, and their total yearly earnings increased and remained higher compared

to job-losing workers who did not lose bene�ts for at least four years after displacement.

From Panels (a) and (b), we learn that in low-income households, employment increased in the

three years after job loss by around two percent for every additional child. That is the e�ects of

job loss shrink by two percent for every additional child in the household. Similarly, the e�ects

of job loss on earnings are reduced by around two to three percent in the �rst three years after

the job loss event, although estimates are only marginally signi�cant. For both outcomes, the

28Note that discrepancies between the results using the number of children and lost bene�ts as the interaction
term in the regression stem from several sources. First, the functional form of the e�ects with respect to the di�erent
variables is di�erent, as we show in Figures 6 and 7. Second, child bene�ts calculated in this section take into account
additional information, namely the age of each child in the family, which a�ects the bene�ts as described in Table 2.
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estimates are close to zero in the long run. The corresponding e�ects on high-income families

are negative and non-signi�cant for the entire post-job loss period.

Correspondingly, Panels (c) and (d) present the e�ects of 1,000 Shekels in bene�ts lost on the

e�ects of job loss. We �nd that the e�ects of job loss on employment for low-income parents

are one percent smaller for every 1,000 Shekels in bene�ts lost due to the reform in the �rst

year after job loss, with a longer-term e�ect that levels at around 0.5 percent. The e�ects of job

loss on earnings are 1.2 percent smaller for every 1,000 Shekels. These e�ects dim down four

years after job loss to around 0.8 percent. The e�ects on high-income parents are all null in the

�rst few years after job loss. Alas, we do estimate signi�cant negative e�ects in the longer run,

above four years after job loss on employment, which is an intriguing suggestive result that

invites further investigation.

Given the average bene�ts level of around 10,000 Shekels in 2001 for low-income families, and

with job loss impact pre-reform of 47 percent on earnings and 27 percent on employment (see

Table 5), we can calculate the elasticity of the e�ect with respect to bene�ts. An estimate of 1.2

or earnings translates to an elasticity of 0.25, and an e�ect of 1 percent on employment translates

to an elasticity of 0.37.

Children: Table 9 presents the e�ect of the reform on the impact of job loss on education out-

comes, the ' coe�cient from Equation 6. Panel (A) of Table 9 presents the triple di�erence

estimate of the change in the e�ect of job loss after 2003, for a child with one more sibling, sep-

arately by income level. We �nd that, on average, one more child in the family increases the job

loss penalty by almost half a percent in the Bagrut and by a smaller increase of 0.37 percentage

points to the penalty in Math. Interestingly, echoing the �nding in Section 6.2, we �nd that the

whole penalty is driven by low-income families. The e�ect on children from below-median in-

come households, the e�ect of one more sibling on the job loss penalty is almost 1.5 percentage

points on the Bagrut and one percentage point in Math. This result provides further evidence

in the direction that children from low-income families are especially vulnerable to parental

career shocks, maybe because their parents face tighter �nancial constraints. Therefore, gov-

ernment transfers play a bigger role in insuring these children in the event of a negative parental

shock.

Panel (B) of Table 9 presents the e�ect of lost bene�ts in 1,000 Shekels on the e�ects of job loss.
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These results mimic the exercise presented in Panel (a) of Figure 7 by calculating the linear

relation between the change in cash transfers induced by the reform on the e�ects of job loss. 29

We �nd that while in the full sample and for the high-income families, the e�ect of a 1,000 NIS

increase is qualitatively small with coe�cients that are generally statistically insigni�cant from

zero, we �nd that the impacts among the low-income families are substantial. The e�ect of

every 1,000 NIS (� $300) lost in bene�ts in the �rst year of job loss is a half percentage point

lower probability of obtaining a Bagrut certi�cate and 0.2 percentage points lower performance

in the math exam. These values, given the average amount of bene�ts lost ( � 4; 000Shekels),

amount to half of the e�ects of job loss on the Bagrut and a third of the e�ect of job loss on

math. The corresponding elasticities of the e�ect of job loss with respect to the change in the

level of bene�ts are 1.3 for Bagrut attainment and 0.9 for math.

Note that we do not �nd that the reform has any impact on the job loss penalty on children

from above median earnings families in line with the results for the e�ect of job loss on children

across income groups.

As a placebo exercise, Table 10 presents the results of a regression based on Equation 6, with the

di�erence that instead of child bene�ts, we use the unemployment insurance change brought

about due to the reform as B i . Details on the changes made in the reform to unemployment in-

surance are in Appendix B, as well as details on how we simulate the unemployment insurance

amounts (see Appendix B.4). In general, the main changes to UI due to the reform were sub-

stantial but were mainly made to the eligibility employment duration conditions rather than to

the amount provided. Since job loss workers in our sample worked at least three years consec-

utively before the mass layo�, they are all eligible for similar amounts regardless of the reform

and the timing of job loss. As can be seen in Table 10, we do not detect any e�ect for the changes

in potential unemployment insurance, which is reassuring that the e�ects we �nd are indeed

the result of cash transfers.

Informed by the estimates of the e�ects of cash transfers on children, we use a simple back-of-

the-envelope calculation to assess the potential insurance value of the change in child bene�ts

in terms of the harm to children's education.

29Di�erences between the slope in Figure 7 and this analysis stem from three main di�erences: (1) Figure 7
presents a simple �tted line on four points with equal weights, (2) child bene�ts assigned here take into account
the date of birth of each child in the family, making it more accurate, and (3) in this analysis we add controls, which,
however, do not alter the results dramatically.

32



Based on our results, a child from a low-income family whose parents were laid o� in an un-

expected mass layo� event will experience a 0.0048 lower probability of attaining a Bagrut cer-

ti�cate per 1,000 Shekels in cash bene�ts of bene�ts. With a 13% Bagrut premium on income at

adulthood estimated by (Angrist and Lavy, 2009). In our data, the average low-income family

earns 60 thousand Shekels prior to job loss. Using the intergenerational elasticity of earnings

of 0.25 estimated in Israel Aloni (2017), the average earnings of the child at around the age of

30 would be almost 80 thousand Shekels. Therefore, for every 1,000 Shekels in cash bene�ts

bene�ts lost, the child's earnings at age 30 would decrease by 52 Shekels per year. For the aver-

age bene�ts change in this population of 4,000 Shekels per year, this implies losing around 208

Shekels per year at adulthood on average.

7.4 Reform E�ects Heterogeneity by the Gender of the Parent

Parental Labor Market Outcomes: Appendix Figure D.12 displays the results of the triple

di�erence analysis conducted above for the e�ects of the reform of 1,000 Shekel lost in bene�ts

on the e�ects of job loss, strati�ed by the gender of the parent. We �nd that the overall income

e�ect parents experienced on earnings and employment stems from fathers, whereas the im-

pact on mothers is noisy, with close to zero point estimates on employment and negative point

estimates on earnings. This divergence is suggestive of gender-speci�c dynamics at play in the

labor market, hinting towards possible challenges that mothers might face in their re-entry to

the labor market after a job loss. This result could be consistent with a model in which mothers,

rather than fathers, face a substitution e�ect in addition to the income e�ect as a result of the

reform and the job loss and might �nd it more bene�cial to spend more time at home providing

care to their children rather than working. Alas, the results are only suggestive due to the large

standard errors.

Children's Outcomes: The e�ects on children's education outcomes, presented in Appendix

Table D.2 show substantial variation. For children of high-income fathers who lose their jobs,

the e�ects are positive, albeit non-signi�cant for both education outcomes, irrespective of whether

we consider the e�ect of an additional child or the drop in cash transfers ( B ). For children of

low-income fathers, however, our �ndings are consistent with our previous results: the more

children in the family (or the larger the drop in cash transfers), the larger the adverse e�ects
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on children. Speci�cally, the e�ect of job loss results in a 0.3 percentage point drop in math

scores and a more pronounced 0.86 percentage point drop in Bagrut attainment. The pattern

observed for mothers is starkly di�erent but also overly noisy, so that we cannot rule out that

mothers and fathers have di�erent impacts.

8 Conclusions

In this work, we study the e�ects of parental career shocks on children's education outcomes in

Israel and show that cash transfers can substantially alleviate these adverse e�ects. Parental job

loss hinders high school performance by just under ten percent in both the math exam scores

and Bagrut attainment. This is expected to cause signi�cant harm to these children, as the

Bagrut certi�cate is a prerequisite in all universities and most academic institutions in Israel. In

addition, we �nd that these e�ects are concentrated in the lower part of the income distribution.

Using a comprehensive policy change in the provision of child bene�ts in Israel, we show that

reducing cash transfers to families can exacerbate the adverse e�ects that low-income children

experience when their parents lose their jobs, along with increasing the labor market partici-

pation of low-income families after job loss. This suggests that cash transfers have an insuring

role for low-income children against the educational setbacks associated with parental job loss.

Lastly, we calculate the total e�ect of the change in child bene�ts on the lifetime earnings of both

parents and children of low-income families. Our analysis shows that for every 1,000 Shekels

lost in government transfers, children's annual earnings in adulthood decreased by 52 Shekels.
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Figures and Tables

8.1 Tables

Table 1: Descriptive statistics and balance table of displaced and non-displaced households

(1) (2) (3) (4)
Variable Non-displaced Non-displaced (weighted) Displaced Di�erence

Panel A: Children

Male 0.51 0.51 0.51 -0.00
(0.50) (0.50) (0.50) (0.01)

Child YOB 1986.18 1986.01 1986.00 -0.01
(5.73) (5.75) (5.74) (0.07)

Total # sibling 2.6 2.88 2.88 -0.00
(1.71) (1.98) (1.91) (0.02)

T=0 total # sibling 2.31 2.52 2.5 -0.00
(1.45) (1.67) (1.65) (0.02)

T=0 # sibling under 18 1.55 1.85 1.85 -0.00
(1.22) (1.23) (1.24) (0.02)

Father BA 0.52 0.46 0.46 0.00
(0.75) (0.70) (0.71) (0.01)

Mother BA 0.57 0.51 0.51 0.00
(0.77) (0.73) (0.74) (0.01)

Father displaced 0.55 0.64 0.64 0.00
(0.50) (0.49) (0.49) (0.01)

Tested in elementary Meitzav 0.11 0.11 0.11 -0.00
(0.32) (0.31) (0.31) (0.00)

Panel B: Parent

Parent YOB 1957.94 1958.05 1958.06 0.01
(5.58) (5.63) (5.64) (0.06)

Arab 0.09 0.12 0.13 0.00
(0.28) (0.33) (0.33) (0.00)

FSU descendent 0.21 0.19 0.20 0.00
(0.41) (0.40) (0.40) (0.00)

Ethiopia descendent 0.02 0.03 0.04 0.00
(0.12 (0.18) (0.19) (0.00)

Asia/Africa descendent 0.44 0.37 0.37 0.00
(0.50) (0.48) (0.48) (0.01)

Europe descendent 0.17 0.14 0.13 -0.01
(0.37) (0.34) (0.34) (0.00)

Native Israeli 0.17 0.19 0.18 -0.00
(0.38) (0.39) (0.39) (0.00)

t=-1 Yearly earnings 174,604 139,283 138,742 -541
(213,982) (234,691) (200,212) (2,485)

t=-2 Yearly earnings 169,333 117,781 119,240 1458
(207,946) (145,432) (168,219) (1,787)

t=-1 spouse monthly earnings 7,081 6,615 6,566 -48
(17,145) (15,532) (11,406) (154)

t=-2 spouse monthly earnings 6,899 6,366 6,410 44
(13,782) (9,997) (10,702) (117)

Panel C: Firm

# of workers in �rm 2,165 1,260 1,210 -49
(3,421) (2,773) (2,549) (30)

Mean age in �rm 45.62 45.76 45.74 -0.01
3.07 (3.10) (3.04) (0.03)

# of unique parents 376,330 355,104 13,095 368,199
# of children 462,853 436,078 16,063 452,141

Note: This table presents means and standard deviations of pre-displacement characteristics of children and
parents during the sample period. Column 1 presents the statistics of the full sample. Column 2 presents the
non-displaced workers, adjusted using inverse probability weighting. Column 3 shows the statistics for the
displaced workers. Column 4 presents the di�erence between Columns 2 and 3, along with the corresponding
standard errors. Earnings are measured in 2016 Israeli Shekels (ILS), worth approximately 0.3 US dollars. The
weighted sample in Column 2 is trimmed to the common support of the predicted propensity score, hence the
di�erence in observations between Column 1 and Column 2.
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Table 2: Child bene�ts per child by year and by number of children, current ILS

Child number
Panel (A): Monthly bene�ts per child 1 2 3 4 5 6 7+

1999 169 169 338 683 574 633 591
2000 171 171 342 693 582 642 599
2001 171 171 343 694 856 856 856
2002 174 174 342 703 868 868 868
Starting 7/2002 146 146 289 586 724 724 724

Born until 5/31/2003
Starting 8/2003 144 144 195 454 522 522 522
2004 120 120 164 404 459 459 459
2005 120 120 156 360 401 401 401
2006 148 148 178 329 329 329 329
2008 152 152 182 337 337 337 337
2009 159 159 191 353 353 353 353

Born after 6/1/2003
Starting 8/2003 144 144 144 144 144 144 144
2004 120 120 120 120 120 120 120
2005 120 120 120 120 120 120 120
2006 148 148 148 148 148 148 148
2008 152 152 152 152 152 152 152
2009 159 159 159 159 159 159 159

# of children
Panel (B): Total yearly bene�ts 1 2 3 4 5 6 7

Bene�ts in 2001 2,052 4,104 8,220 16,548 26,820 37,092 47,364
Bene�ts in 2004 (max.) 1,440 2,880 4,848 9,696 15,204 20,712 26,220
Bene�ts in 2004 (min.) 1,440 2,880 4,320 5,760 7,200 8,640 10,080
Min. potential loss 612 1,224 3,372 6,852 11,616 16,380 21,144

as % of avg. wage 0.7% 1.3% 3.7% 7.5% 12.7% 17.9% 23.1%
Max. potential loss 612 1,224 3,900 10,788 19,620 28,452 37,284

as % of avg. wage 0.7% 1.3% 4.3% 11.8% 21.4% 31.1% 40.8%

Note:This table outlines changes in child bene�ts by year and family size. Panel (A) illustrates the marginal bene�ts per child, vary-
ing by year and child's birth date, while Panel (B) provides the total annual bene�ts and potential losses in bene�ts, calculated as
bene�ts 2001 � bene�ts 2004, di�erentiated by family size. Families with all children born prior to 2003 experience minimal bene�t
loss, whereas maximal bene�t loss applies to families with all but one child born post-2003. Bene�t losses are expressed as a percent-
age of the average wage, determined in relation to the total sum of the average monthly wage in the private sector in 2001 ( Source:
Bank of Israel, Data & Statistics). The bene�ts increase in 2001 for families with �ve children is due to the Halpert Law, enacted in
January of that year, which temporarily raised the marginal bene�t for the 5th child and beyond until its revocation approximately
one year later.
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Table 3: The impacts of job loss on children's education outcomes

Bagrut certi�cate Math score
(1) (2) (3) (4)

Under age 18 -0.014 -0.037 -0.009 -0.022
(0.006) (0.006) (0.006) (0.007)

Above age 18 0.001 0.001 -0.002 -0.002
(0.006) (0.008) (0.005) (0.0073)

Under age 18 X high inc. 0.044 0.031
(0.012) (0.012)

Above age 18 X high inc. 0.001 -0.02
(0.13) (0.13)

Adj. R sq. 0.15 0.16 0.12 0.12
Observations 452,141 452,141 452,141 452,141
Num. Treated 16,063 16,063 16,063 16,063

Note:This table presents the e�ects of parental job loss on children's education out-
comes, by child age at the time of job loss, estimated via Equation 1. Columns (1)
and (2) present the e�ects on Bagrut certi�cate attainment and columns (3) and
(4) present the e�ect on taking the matriculation math exam and scoring above the
median grade. In columns (2) and (4) we introduce an interaction between job loss
before age 18 and a dummy for parents' income above the median, altering the in-
terpretation of the �rst row coe�cients from the aggregate e�ect of job loss to the
e�ects of job loss on children from lower-income families. Standard errors clus-
tered at the parent level are in parenthesis.

Table 4: The e�ects of job loss on early standardized exams scores, pre job loss

5th Grade 8th Grade
(1) (2)

Before the exam -0.031 -0.024
(0.031) (0.033)

After the exam and below 18 0.012 0.019
(0.037) (0.04)

Above 18 -0.002 -0.022
(0.076) (0.061)

# of treated obs. 1,867 2,614
Adj. R Squared 0.312 0.523

Note:This table shows the impact of job loss on the compos-
ite score in the Meitzav standardized exams, for the subset
of students who experienced job loss before taking the ex-
ams. These exams are administered to a subset of schools
in grades 5 or 8 (ages 11 or 14), as detailed in Section 4. The
rows denote the children's ages at the time of their parent's
job displacement. Observations are of children a�ected by
job loss. Standard errors clustered at the family level are in
parentheses.
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Table 5: Di�erence in di�erences tables: parents' outcomes 1 year after job loss

Earnings rel. to pre-displacement

Before 2003 After 2003 Di�.

Control 1.023 1.020 -0.003
(0.009)

Laid o� 0.555 0.555 0.000
(0.011)

Di�erence -0.469 -0.465 0.004
(0.011) (0.008) (0.014)

Employment status

Before 2003 After 2003 Di�.

Control 0.961 0.961 0.001
(0.004)

Laid o� 0.690 0.702 0.012
(0.009)

Di�erence -0.271 -0.259 0.012
(0.008) (0.005) (0.009)

Note: These tables present the means and di�erences of job losers and the non-displaced
control sample, weighted by the inverse probability weights, before (up to the year 2002)
and after the reform (2003 onwards), one year after the job loss. Clustered standard errors
at the family level are in parentheses.

Table 6: Di�erence in di�erences tables: parents' outcomes 1 year after job loss, by number of
children

Earnings, up to 3 children

Before 2003 After 2003 Di�.

Control 1.028 1.023 -0.005
(0.010)

Laid o� 0.577 0.565 -0.013
(0.012)

Di�erence -0.451 -0.459 -0.008
(0.013) (0.009) (0.016)

Employment, up to 3 children

Before 2003 After 2003 Di�.

Control 0.961 0.960 -0.001
(0.004)

Laid o� 0.703 0.710 0.007
(0.009)

Di�erence -0.258 -0.250 0.007
(0.008) (0.006) (0.010)

Earnings, 4 kids or more

Before 2003 After 2003 Di�.

Control 0.994 1.000 0.007
(0.021)

Laid o� 0.421 0.502 0.080
(0.025)

Di�erence -0.572 -0.499 0.074
(0.026) (0.021) (0.033)

Employment, 4 kids or more

Before 2003 After 2003 Di�.

Control 0.958 0.967 0.008
(0.009)

Laid o� 0.611 0.658 0.048
(0.023)

Di�erence -0.348 -0.308 0.039
(0.021) (0.014) (0.025)

Note: These tables present the means and di�erences of job losers and the non-displaced
control sample separately by the number of children under age 18 in the family, weighted
by the inverse probability weights, before (up to the year 2002) and after the reform (2003
onwards), one year after the job loss. Clustered standard errors at the family level are in
parentheses.
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Table 7: Di�erence in di�erences tables: children's outcomes

Bagrut certi�cate

Before 2003 After 2003 Di�.

Control 0.557 0.553 -0.004
(0.005)

Laid o� 0.544 0.520 -0.025
(0.014)

Di�erence -0.013 -0.033 -0.020
(0.010) (0.010) (0.014)

Math score

Before 2003 After 2003 Di�.

Control 0.388 0.363 -0.025
(0.004)

Laid o� 0.375 0.332 -0.043
(0.012)

Di�erence -0.014 -0.031 -0.017
(0.009) (0.009) (0.013)

Note:These tables present the di�erence in di�erences tables for children whose parents were
displaced when they were under the age of 18 compared to the inverse probability weighted
control sample, before (up to the year 2002) and after the reform (2003 onwards). Clustered
standard errors at the family level are in parentheses.

Table 8: Di�erence in di�erences tables: children's outcome, by number of children

Bagrut certi�cate, 1 or 2 children

Before 2003 After 2003 Di�.

Control 0.604 0.591 -0.013
(0.006)

Laid o� 0.589 0.566 -0.023
(0.017)

Di�erence -0.015 -0.025 -0.010
(0.012) (0.013) (0.018)

Math score, 1 or 2 children

Before 2003 After 2003 Di�.

Control 0.419 0.385 -0.033
(0.005)

Laid o� 0.389 0.341 -0.048
(0.016)

Di�erence -0.030 -0.045 -0.015
(0.012) (0.013) (0.017)

Bagrut certi�cate, 3 kids or more

Before 2003 After 2003 Di�.

Control 0.516 0.511 -0.005
(0.007)

Laid o� 0.501 0.468 -0.033
(0.020)

Di�erence -0.015 -0.043 -0.028
(0.015) (0.016) (0.021)

Math score, 3 kids or more

Before 2003 After 2003 Di�.

Control 0.362 0.329 -0.033
(0.006)

Laid o� 0.362 0.307 -0.055
(0.017)

Di�erence 0.000 -0.022 -0.022
(0.013) (0.013) (0.018)

Note: These tables present the di�erence in di�erences tables, separately by the number of
children in the family, for children whose parents were displaced when they were under the
age of 18 compared to the inverse probability weighted control sample, before (up to the year
2002) and after the reform (2003 onwards). Clustered standard errors at the family level are
in parentheses.
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Table 9: Impact of reform on intergenerational job loss e�ects, by income levels

Math score Bagrut Obs.

(A): Num. children Entire sample -0.0037 -0.0046 197,951

(0.0031) (0.0027)

Above median income -0.0014 -0.0016 104,446

(0.0026) (0.0035)

Below median income -0.0097 -0.0144 93,505

(0.0047) (0.0044)

(B): Bene�ts lost Entire sample 0.0005 -0.0007 197,951

(0.0006) (0.0006)

Above median income 0.0012 0.0005 104,446

(0.0007) (0.0007)

Below median income -0.0020 -0.0048 93,505

(0.0011) (0.001)

Note: This table presents the � 7 coe�cient from a triple di�erence regression described
in Equation 6. It presents the impact of the reform on children's education outcomes as
a consequence of parental job loss, segmented by household income levels (above and
below the median). We present two analyses in this table: Panel (A) shows the e�ects
based on the number of children in the family introduced linearly to the regression, and
Panel (B) examines the e�ects based on the bene�ts lost due to the reform, calculated
as the bene�ts after the reform (2004) minus the bene�ts before the reform (2001) in
thousands of Israeli Shekels in yearly terms. In each case, the e�ects on math scores and
Bagrut certi�cate attainment are shown for the entire sample and for the above/below
median income categories. Standard errors clustered at a family level are in parenthe-
ses, while the number of observations is provided in the last column.

Table 10: Robustnes test: the impact of UI drops on intergenerational job loss e�ects

Bagrut Math score Obs.

(A) Entire sample 0.0015 0.0068 197,951
(0.0158) (0.0142)

(B) Below median income 0.0059 0.004 93,505
(0.0256) (0.025)

(C) Above median income 0.0068 0.0106 104,446
(0.0204) (0.0178)

Note: This table presents the � 7 coe�cient from a triple di�er-
ence regression outlined in Equation 6, illustrating the impact
of UI (Unemployment Insurance) drops on children's education
outcomes following parental job loss, post-2002, simulated at the
family level as described in Appendix Section B. We present the
coe�cients segmented by the entire sample and further divided
by household income levels (below and above median income).
Within each segment, outcomes for children under 18 and above
18 at the time of the reform are presented. The impact on Bagrut
certi�cate attainment and math scores is shown for each category.
Standard errors clustered at a family level are shown in parenthe-
ses, and the number of observations is provided in the last column.
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8.2 Figures

Figure 1: Public spending on family cash bene�ts, % of GDP

Note: This �gure presents public spending on family cash bene�ts for families with children, as a percent of GDP.

Family cash bene�ts include child-related cash transfers (such as child allowances and income support for sole-

parent families), public income support payments during periods of parental leave, and �nancial support provided

through the tax system (including tax exemptions and child tax credits).

Source: OECD (2022)

Figure 2: Child bene�ts as a percent of the average monthly earnings in 2001

Note: This �gure displays the total child bene�ts each year, expressed as a percentage of the average wage in 2001

(pre-reform year). The shaded regions post-reform re
ect the variability in bene�t amounts, contingent on the birth

date of each child in a family.
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Figure 3: The impact of job loss on household income and parents' employment

(a) Employment status (b) Yearly earnings relative to t � � 1

(c) Earnings (1ILS � 0:3$) (d) Spouse earnings (1ILS � 0:3$)

(e) Self-employment earnings ( 1ILS � 0:3$) (f) Total household earnings ( 1ILS � 0:3$)

Note: These �gures display the impact of job loss on parental labor market outcomes, illustrating the raw means of

the treatment and reweighted control groups. Figure (a) shows the average employment status, de�ned as earning

above 10,000 ILS (approx. 3,000 USD) during the year as an employee. Figure (b) presents yearly earnings relative

to the average of t � � 1; � 2; � 3. Figure (c) presents earnings in Israeli Shekels. Figures (d), (e), and (f) present

the spouse's earnings, self-employment earnings, and total household income, respectively. Total household income

includes earnings from both employment and self-employment of both parents.
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Figure 4: The impacts of job loss on children's education outcomes, by child's age at the time
of job loss and by household income

(a) Matriculation certi�cate (b) Math score

Note:This �gure presents the e�ects and con�dence intervals of parental job loss on children's education outcomes

by the age of the child at the year of parental job loss following equation 1. Panel (a) presents the e�ects on the

attainment of the Bagrut certi�cate and Panel (b) presents the e�ects on the probability of taking the math exam

and achieving a score above the median grade. Each �gure is divided by earning levels, determined using the

median total parental earnings prior to displacement. Bars indicate 95% con�dence intervals based on standard

errors clustered at the parent level.
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Figure 5: The impacts of job loss on children's education outcomes, by child's age at the time
of job loss and by parent's gender

(a) Bagrut certi�cate, high-income (b) Bagrut certi�cate, low-income

(c) Math score, high-income (d) Math score, low-income

Note:This �gure shows the e�ects of parental job loss on children's educational outcomes, segmented by the child's

age at the time of displacement, estimated via equation 1, separately by the gender of the parent who was a�ected by

job loss. The top panels present the e�ects on Bagrut certi�cate attainment, and the bottom panels present the e�ects

on the probability of taking the math matriculation exam and scoring above the median grade. The left panels, (a)

and (c), present the e�ects on children from high-income families de�ned by the total parental pre-displacement

earnings median, while the right panels, (b) and (d), present the e�ects on low-income families. Bars indicate 95%

con�dence intervals based on standard errors clustered at the parent level.
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Figure 6: The change in job loss penalty after the reform by the number of children in the
household

(a) E�ects on children (b) E�ects on parents

Note: This �gure presents the � t coe�cients from equation 5 of the change in the e�ect of job loss after the reform

relative to before the reform separately by the number of children in the household that are under age 18. Panel

(A) presents the e�ects on children's education outcomes for the sample of children that experience parental job

loss before age 18. Panel (B) presents the e�ects on parental labor market outcomes, separately for di�erent periods

before and after the job loss event. As all parents were employed at t � � 1; 0, these coe�cients are zero. Con�dence

intervals at the 0.95 level are based on standard errors clustered at the parent level in Panel (A) and at the �rm level

in Panel (B).

Figure 7: Visual IV of the e�ect of the reform on the impacts of job loss

(a) E�ects on children (b) E�ects on parents

Note:This �gure presents the � t coe�cients from equation 5, depicting the change in the impact of job loss after the

reform relative to before the reform for the sample of children that experience a parental job loss before age 18. The

coe�cients are plotted against the average change in child bene�ts for each number of children in the household.

We plot the e�ects on children in Panel (A) and the e�ects on parents in Panel (B). The slopes indicated in the

legends are of the linearly �tted lines to the 4 points in the plot.
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Figure 8: Impact of reform on parents' labor market job loss e�ects, by income levels

(a) Employment status, # of children (b) Yearly earnings, # of children

(c) Employment status, bene�ts loss (d) Yearly earnings, bene�ts loss

Note:This �gure presents the � 8 coe�cient from the triple di�erence regression described in equation 6 for the e�ect

of the reform on the e�ect of job loss on employment and yearly earnings of displaced parents. The three di�erences

in these regressions are the timing of job loss, the incidence of job loss, and either the number of children in the family

(top panels), or the loss in child bene�ts due to the reform (bottom panels). The change in bene�ts is calculated

as the bene�ts after the reform (2004) minus the bene�ts before the reform (2001) in thousands of Israeli Shekels

in yearly terms. Regressions are estimated by income levels, de�ned by pre-displacement earnings. Panels (a) and

(C) present the e�ect on employment, de�ned as earning at least 10,000 ILS a year from work as an employee, and

panels (b) and (d) present the e�ect on yearly earnings relative to the earnings in the three years before job loss.

Bars indicate 95% con�dence intervals based on standard errors clustered at the parent level.
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A De�ning Firm Mass Layo� Events and Worker Job Displacement

Di�erentiating between workers who are involuntarily �red and workers who leave a �rm due

to any other reason is not immediate, given that we do not explicitly observe separation reasons,

as is the case in all comprehensive administrative data.30 Therefore, we build on previous work

and focus on mass layo� events, where for reasons that are not worker-speci�c, �rms either

have to let go of a substantial fraction of their workers or close altogether. We closely follow the

literature to detect such events in the data. Speci�cally, we rely on Schmieder et al. (2022), who

themselves utilize the common methods established in the literature that use administrative

data, to detect mass layo� events and worker displacement.

We de�ne a mass layo� event in the data if a �rm id disappears from the records in a certain

year between 1999 and 2009 and does not appear again, or if between two consecutive years,

there is a drop of at least 30% in full-job equivalent worker count in the �rm, and this drop is

not o�set a year later. We restrict our attention to �rms with at least 40 workers at the year of

the event since larger �rms exhibit higher stability in worker count, and large ones are more

likely to capture mass layo� events. For example, in a �rm of 3 workers, a drop of a third in

the number of employees cannot convincingly be independent of worker characteristics. An-

other concern when using administrative data is that some �rms appear to close, but in fact

undergo mergers, outsourcing, or changes to �rm identi�ers. To address this concern, we ex-

amine worker 
ows from each �rm that was closed to all other �rms. If more than 20% of the

workers from the closing �rm are employed in another �rm that keeps existing in the year fol-

lowing the event, we omit it from the analysis. In addition, we exclude workers who worked

in the following sectors prior to their displacement: mining, public administration and health,

activities of private households and extra-territorial organizations, and industries that are led

by government-owned companies. 31

The displaced workers' group includes all workers that leave a �rm that undergoes a mass

30It has been shown, however, that this approach yields very good results in terms of the e�ect size of job loss on
workers (Flaaen et al., 2019).

31Speci�cally, we omit workers from the following industries: B - Mining and quarrying, O - Local administration,
public administration and defense; compulsory social security, P - Education, Q - Human health and social work
activities, R.91 - Libraries, archives, museums, and other cultural activities, T - Activities of households as employers;
undi�erentiated goods- and services-producing activities of households for own use, U - Activities of extraterritorial
organizations and bodies, H.51 - Air transport
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layo� event in the same year. We consider tenured workers, who work at the �rm for at least

three consecutive years for at least 10 months each year, and who do not work in that �rm

again after the separation event. This job stability condition is implemented in almost all pa-

pers that document the persistent scarring e�ects of job loss (Bertheau et al., 2022). There are

two main reasons to include this condition: (1) decreasing separation hazard rate with tenure

implies unexpected displacement, supporting the identifying assumption that displacement is

involuntarily and orthogonal to unobserved worker ability, and absent the mass layo� event,

workers would have remained employed in these �rms, and (2) tenured workers stand to lose

more when displaced, due to, e.g., �rm-speci�c accumulated human capital, or higher match

quality, which lead to larger e�ects estimated (for a discussion on this see e.g. Lachowska et al.

(2020)).

To construct the sample of non displaced workers group, we consider all workers who do not

belong to the above population of displaced workers at any period in the data. We apply the

same conditions above, such as on tenure, earnings, and sectors restriction. The only di�erence

in sample restrictions between the displaced and non-displaced is that these workers do not

work at �rms that we tag as mass-layo� or closing �rms. This implies that we do not consider

\survivors" of �rm-level events in our comparison group. Each year in the data for which a

non-displaced worker follows the conditions on tenure, earnings, etc., is a potential job loss

year. Finally, note that if a non-displaced worker has K potential job loss years, she enters the

non-displaced pool of workers separately K times. We, therefore, weight the data by K .
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B Reform Details

In this appendix, we document the changes made in the Israeli welfare system during our sam-

ple years and refer to the sources that were used to create the bene�t transfers simulation de-

scribed in Appendix B.4. The changes to eligibility criteria and bene�t sizes are complex and

not readily available from a single source. To trace these changes accurately, we turn to several

di�erent sources: the current laws and archive records of law updates, policy reports from the

Knesset (the legislative authority in Israel), archived versions of the National Insurance Insti-

tute of Israel (NII) website using web.archive.org going back to 1998, and the help of current

and former employees of the NII.

B.1 Children Bene�ts

The full schedule of children's bene�ts, along with the changes made in the reform are de-

scribed in the paper.

B.2 Unemployment Insurance

Unemployment insurance in Israel is given to workers who were laid o�, for the period of their

unemployment and up to a maximum period that changes with age and number of dependants.

The most signi�cant changes to unemployment insurance were to eligibility conditions, and

especially to the qualifying period. That is, government expense reduction was mainly achieved

in the extensive margin, reducing the size of the eligible unemployed population. Before the

reform, a worker was required to work either 6 months out of 12, or 9 months out of the 18

months preceding his unemployment. After July 2002, the qualifying period was changed to

12 out of 18 months only. In addition, all bene�ts had an additional reduction of 4% after

calculation. Lastly, the rates by which the bene�t is calculated from the previous wage were

changed, along with the maximum eligibility period. 32

These determining rates, r1; r2; r3; r4, are used to calculate the bene�t in the following manner.

Of her wage up to half of the average wage, the recipient receives r1 times her wage. Of her

32Previous wage is calculated as the average of the 3 last monthly paychecks.
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wage from half and up to three-quarters of the average wage, the recipient receives r2 times

that amount. Of her wage from three-quarters of the average wage to the average wage, the

recipient receives r3 times that amount. For the part of her wage from the average wage and

up to 4 times the average wage, the recipient receivesr4 times that amount.

Before July 2002, the four rates depended on whether the average wage was below or above the

average wage in the population, with r1 � 0:7; r2 � 0:5; r3 � 0:45; r4 � 0:4 For recipients with

wages above the average wage, andr1 � 0:8; r2 � 0:5; r3 � 0:45; r4 � 0 for those below. The

sharp threshold at the average wage created a distortion in which a person making one dollar

above the average wage could receive a 10% smaller bene�t. After the reform, this dependency

was eliminated, with r1 � 0:8; r2 � 0:5; r3 � 0:45; andr4 � 0:3 for all UI recipients.

UI durations have changed several times over the sample period. The duration depends on the

number of dependents in a family, and age, and ranged between 100 to 175 days before July

2002, and over the course of the years changed to as low as 50 days for the younger recipients.33

Its length remained constant for older recipients. Starting in 1999, in the \second period" of

the UI, which starts after the �rst 125 days of the UI period, the equivalent of 5 months, the UI

amount is reduced to two-thirds of the original amount.

B.3 Income Support

Income support is a welfare support program for families with low or no income. The main

bene�t of this means-based program is a monthly transfer that is not limited in time. In addition

to money transfers, recipients can also receive other in-kind bene�ts that include discounts on

electricity, telephone, and municipal tax bills, rent and mortgage assistance, and other bene�ts

such as discounts for public transportation. 34 There are three main conditions for receiving the

transfers - (a) living in Israel for a minimal period, currently, 12 months, (b) monthly earnings

from work, capital income, and some of the SSI bene�ts, such as UI but not child bene�ts, are

below a threshold, and (c) the requester exhausted his labor market possibilities. 35 In addition,

33Counted dependents are each child under 18 years old, and a male spouse if he is above 70 or if he has work
income of under 57% of the avg. wage and is above 50 years old, or a female spouse that has work income of under
57% of the avg. wage.

34Shanan (2020) estimates these in-kind transfers at around 25,000 ILS per year on average.
35This condition implies that the recipient must be enrolled in the Employment O�ce, report to it on a weekly

basis, and not refuse reasonable job o�ers that match the applicant's health, prior occupation in the last 3 years, or
level of expertise and education, located up to 60km from his residence location, and that the wage o�ered is above
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owning assets such as a car or real estate may revoke eligibility.

Given eligibility to the bene�t, the transfer, bi , is determined with the following parameters: a

determining cap, C, a maximum transfer amount �b, the average wage, �w, a disregard d1 P r0; 1s,

a type-speci�c slope parameter d2 P r0; 1s, and the individual income I i .36 It is equal to �b for

incomes under the disregard d1 �w, capped atC, and otherwise calculated asbi � �b� d2pI i � d1 �wq.

See the illustration below.

Figure B.1: Income support bene�t illustration

Note: This �gure illustrates the schedule of income support bene�t amount, bi ,

with respect to total family income I i in red, and its dependence on the di�erent

parameters that changed during the reform.

All of the policy parameters described above, C, �b, d1; d2; �w, change over the sample period and

depend on age, marital status, and the number of children (0/1/2 or more). We have traced

these changes across all recipient types, as we describe below. There were several changes that

were implemented in the 2002-03 reform and in other years, that constrained both eligibility

criteria and reduced transfer amounts. Here we highlight the main changes during the sample

years:

the UI amount that the recipient would receive if he were eligible for it. In some cases, this condition does not apply,
e.g. for women above the age of 60 and men above 65, or single parents with a child under 2, and also speci�c cases
such as drug addiction, recent jail release, or disability.

36The average wage was de�ned by the actual average wage until it was changed to a \base rate" which diverged
from the average wage in 2006.
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ˆ The bene�t max ( �b), was reduced by 4% starting July 2002.

ˆ Until May 2003, individuals above age 46 received an enlarged bene�t max ( �b), of about

25% higher than those under age 46. Starting June 2003, the enlarged rate was paid to all

those that were being paid the bene�t and are 46 and above, or if their age is above 55.

That is, the age required for the enlarged amount was increased from age 46 to 55.

ˆ Single parent rates were reduced by 20% to those under age 55 in June 2003.

ˆ The average wage �w was changed to a \base rate", so that it does not follow the average

wage growth, but rather the CPI, starting January 2006.

The determining cap, C, and the bene�ts max, �b, were provided to us by the NII. The avg.

wage/base rates tables are readily available online. To obtain the values of d1 and d2 over the

period of our sample, as well as other changes to the law, including those pertaining to UI

below, we have carefully read the Income Insurance Law, and the National Security Law 37 along

with the amendments of the law to trace changes to the law dating back to 1996, and most

importantly, the law through which the reform was carried out. 38 As a complement to this,

we have used the web archive to visit the old versions of the NII website, to read through the

information provided to insurees. 39 The main changes to the disregard rates and slopes were

indeed implemented in the 2002 reform. Until June 2002, d1 was 13% for singles, and 17% for

those with a partner or a child, and was left the same for those above age 55. For those under

55, after June 2002 these rates were reduced to 5% and 7%, accordingly. The slope parameter,

d2, was changed for those under 55 and those who are not widowed or single parents, from

0.6 before the reform to all recipients, to 0.625 for couples with 2 children or more, 0.675 for

couples with 1 child, and 0.7 otherwise.

B.4 Simulating Bene�ts

Since we do not observe bene�ts, we assign to each worker in our data their bene�ts bundle

according to their determining characteristics. We also calculated for each of the workers and

37Link to the II law manuscript, link to the NII law manuscript.
38The 2002-03 Omnibus Law of Arrangements (\Hok-Hahesderim"), available from the house of representatives

website. Link to the law manuscript.
39Link to the archived website.

58



their households what their bene�ts were if they were to be displaced in every year in our sam-

ple, keeping their unemployment eve characteristics constant. We then calculate the transfers

made to each household during the �rst year after the job separation.

To illustrate the policy changes that were made, we show here several examples of types and

their bene�ts, for each year of potential job loss. We consider two income levels - half the average

wage (low), and 1.5 times the average wage (high), di�erent ages, number of children, and

marital status.

Figure B.2: Total bene�ts by their components, as % of avg. wage in 2001, for di�erent types

Note:The graphs in this �gure show the potential yearly transfers a two-spouse family would receive, for

each year between 1998 and 2009, in the event that the breadwinner lost his/her job and did not return

to work in the following 12 months. Bene�ts are in percentage of the average wage in 2001. All �gures

pertain to families where the spouse of the worker does not work. where the breadwinner's spouse is

not employed. High-income workers (earning 1.5 times the average wage) are represented in the left

panels, while the right panels depict low-income workers (earning 0.5 times the average wage).

59



C Parameters of Interest Details

We have a population of N p parents, indexed by j , each of which has nj ¡ 0 children, indexed

by i . Thereby the children population size amounts to N c �
° N p

j nj children. We use the

function J : Z Ñ Z to indicate that J piq is the parent of the child i . We denote D jy P t0; 1u an

indicator that equals one if parent j was displaced in a mass layo� event in year y, and zero

otherwise. Lastly, we use the function y : Z Ñ Z, to represent that the job loss year of parent j

is y(j).

Each family j receives ~bjt child bene�ts in year t, where the child bene�t amount depends

on the number of children and their ages, and the calendar year, before or after the reform. 40

Therefore ~bjy pj q is the bene�t level received at the parent job loss year. For simplicity, we restrict

attention to the variable bjt P t0; 1u that indicates whether the family received high ( bjt � 1)

or low ( bjt � 0) levels of bene�ts at year t. As explained in Section 2, due to the nature of the

reform, most of the variation in bjt is explained by the interaction between the calendar year

and family size. Before the reform, families with more than three children were eligible for

signi�cantly higher levels of bene�ts, both per child and for the marginal child, while after the

reform, the bene�ts were reduced dramatically. Furthermore, to simplify notation, and without

loss of generality, we refer to the year of job loss t P t0; 1uas receiving two values, either before

2003 (t � 0), the year of the reform, or after pt � 1q.

We start by presenting the job loss treatment e�ect parameters and then turn to the impacts of

the reform.

C.1 Job Loss E�ects

Parents: We de�ne Y p
jt pd; bqthe potential labor market outcome of parent j at year t with job

loss status d P t0; 1u and bene�ts level btj � b. Speci�cally, Y p
jt p0; 0q is the potential outcome

of parent j that didn't experience job loss in year t and was not eligible for a high level of

bene�ts, Y p
jt p1; 0q is the potential outcome of individual j that did experience job-loss in year

t and was not eligible for high-level bene�ts, Y p
jt p0; 1qis the potential outcome of parent j that

40Families are eligible for bene�ts for every child below age 18, and families with children born before June 2003
received di�erent bene�t amounts after the reform. For more information, see Section 2.
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didn't experience job loss in year t and was eligible for high-level of bene�ts, and lastly, Y p
jt p1; 1q

is the potential outcome of parent j that experienced job loss in year t was eligible for high-level

of bene�ts.

For every parent j , we observe D jt , bjt and the labor market outcome Y p
jt in year t:

Y p
jt � bjt pD jt Y p

j p1; 1q � p 1 � D jt qY p
j p0; 1qq � p1 � bjt qpD jt Y p

j p1; 0q � p 1 � D jt qY p
j p0; 0qq

Children: For every child i , we observe their parents' job loss status D j pi qt during childhood.

For simplicity, we assume each child experiences at most one event of parental job loss during

childhood. Similarly, each family j piqis eligible for bj pi q0 bene�ts levels before the reform, and

bj pi q1 after. The potential education outcome of child i is Y c
i pD j pi q0; bj pi q0; D j pi q1; bj pi q1q, and the

observed outcome is

Y c
i �

1¸

d0 � 0

1¸

b0 � 0

1¸

d1 � 0

1¸

b1 � 0

d0 � b0 � d1 � b1 � Y c
i pd0; b0; d1; bj pi q1q

Equipped with this notation, we de�ne � p
jt pbq � Y p

jt p0; bq � Y p
jt p1; bqto be the individual-level

parental job-loss treatment e�ect for a family with a level of bbene�ts, and � p
jt � bjt � p

jt p1q�p 1�

bjt q� p
jt p0qthe individual-level parental job-loss treatment e�ect, regardless of family bene�ts.

For children, we de�ne � c
i 0pbq � Y c

i p0; b0; 0; b1q� Y c
i p1; b0; 0; b1q, and � c

i 1pb0; b1q � Y c
i p0; b0; 0; b1q�

Y c
i p0; b0; 1; b1q, for every pb0; b1qbene�ts before and after the reform, maintaining the assump-

tion that each family experience job loss only once during the child's childhood. With that nota-

tion, we de�ne the individual level job loss treatment e�ect on children as � c
it �

° 1
b0 � 0

° 1
b1 � 0 b0�

b1 � � c
it pb0; b1q. Individual-level treatment e�ects are unobserved, as we never observe both the

potential outcome under treatment and the potential outcome under control, a problem that is

also known as the \fundamental problem of causal inference" (Holland, 1986; Rubin, 1974).

We start by presenting our �rst parameters of interest, the Average Treatment E�ect on the

Treated (ATT) of parental job loss:

� p � Er� p
jt |D jt � 1s

� c � Er� c
it |D j pi qt � 1s
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where expectations are taken over the full population of parents or children regardless of ben-

e�ts levels or the year of job displacement.

Identi�cation: A naive comparison of outcomes of parents and children by whether the par-

ents were laid o� poses signi�cant challenges in identifying the true causal e�ect. In particular,

unemployed workers tend to be negatively selected (Davis and von Wachter, 2011), and a par-

ent's innate abilities are inherited by their children (Sacerdote, 2007; Fagereng et al., 2021). In

our approach to overcome these issues, we assume the Conditional Independence Assumption,

i.e., that selection into treatment is explained by a vector of child-parent pair pre-displacement

characteristicsZ i � p X J pi q; X i q. Formally:

Assumption A1 - Conditional Independence - For every child i , bene�ts levels bt , and year t

pY p
J pi qt p1; bt q; Y p

J pi qt p0; bt q; Y c
i p1; b0; 0; b1q; Y c

i p0; b0; 1; b1q; Y c
i p0; b0; 0; b1qq KKD j pi q;t |Z i

Even with rich and comprehensive data such as ours, this is a strong assumption. We rely on a

long literature in labor economics estimating the e�ects of job displacement in mass layo�s on

adults based on the JLS approach, relying on the CIA assumption, and show that our results

are comparable to the job loss e�ects estimated in developed counties. Moreover, by estimating

� p before displacement on outcomes that are not included in X j , we present evidence on pre-

displacement di�erences between treated and control units. 41

Non-parametric identi�cation of the ATT requires the additional standard common support

assumption:

Assumption A2 - Common Support

0 © PrpD j pi q � 1|Z i � zq   1

which calls for overlap over values of the propensity score PrpD j � 1|Z � zqamong displaced

and non displaced workers. In Section 6, we describe our estimation strategy and provide fur-

ther evidence that our setting satis�es the common support assumption.

41Note that this is a stronger assumption than the \parallel trends assumption". We do not only reject di�erences
between treated and control units in the rate of change of outcome pre-displacement, but we also require that the
levels should be the same on average.
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C.2 Identifying the Impact of Government Transfers on the Impact of Job Loss

We are interested in studying whether the impacts of job loss vary by the transfers a family

receives. For parents, our parameter of interest is:

' p � E r� j 1p1q � � j 1p0q|bj 1 � 1s;

and for children, we restrict attention to the �rst-order impact of government transfers in the

year of job loss, and our parameter of interest is

' c � E r� i 1pb0; 1q � � i 1pb0; 0q|bj pi q1 � 1s:

In Appendix Figure D.9, we provide evidence of no meaningful e�ects of the second-order

interaction between job loss and change in transfers on di�erent years, i.e., we �nd no signi�cant

additional impact of losing a job in year t and losing bene�ts only a years later rather than in

the year of job loss or before.

It is important to note that without further assumptions, Er� |b � 1s � E r� |b � 0s does not

identify ' , nor the Average Treatment E�ect E r� it p1q� � it p0qs. We introduce a new assumption

that allows us to use a Di�erence-in-Di�erence (DID) model to identify ' :

Assumption A3 - Parallel Trends

Er� i 0p1q � � i 0p0q|bi � 1s � E r� i 0p1q � � i 0p0q|bi � 0s

Assumption A3 is the well-known parallel trends assumption. It states that the average job-loss

impacts for families with high and low levels of bene�ts would have followed parallel paths in

the absence of the treatment.

Note that the parameter ' is comprised of three di�erences, job-loss status, bene�ts eligibility

status, and time. Hence, it can be estimated using a triple-di�erence (DDD) model interacting

both job loss, time, and family size, after adjusting properly for covariates Z i . Therefore, to

support Assumption A3, we can test for pre-trends in the DDD coe�cient of the impacts of the

reform before the reform was enacted.
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C.3 The E�ect of the Reform on the Non-Job-Loss Population

We estimate the e�ect of child bene�ts on the educational achievements of children in Israel,

regardless of whether their parents experienced job loss. To do so, we �rst employ a regres-

sion discontinuity design, replicating Kott (2022) using our data. 42 We also conduct a short

exposure analysis akin to the main analysis of our paper at the end of this appendix.

For this analysis, our sample includes the entire population of Israel who has had a child born in

the two years around June 2003, with at least one older sibling for which we are able to observe

educational outcomes. E�ectively, for our estimation, we use a 3 months window around the

cuto� date.

The identi�cation of the e�ect of the bene�ts change relies on a discontinuity in the allowance

provided to families according to the date of birth of the child. For a child that was born before

June 2003, the allowance drop in the reform was smaller than that of families with children

born after. Hence, families with children born shortly before and after the reform received

di�erent-sized transfers. Under the assumption that potential outcomes are continuous and

smooth relative to the date of birth of the newborn sibling around the reform date, the change

in bene�ts allows to estimate the causal e�ect of the reform.

We run the following regression:

Yi � � � � 1Ti � � 2pmi � cq � � 3Ti pmi � cq � X i 
 � � i (7)

Where:

ˆ Yi is the educational achievement outcomes: Bagrut certi�cate and performance in the

mathematics exam.

ˆ Ti is the treatment dummy, which is 1 if the child was born after June 2003, thus a�ected

by the policy change, and 0 if the child was born before.

ˆ mi is the month of birth of the relevant sibling, the \running variable".

42In (Kott, 2022), the author �nds noisy e�ects of child bene�ts on the probability of obtaining a Bagrut certi�-
cate.43 This result, however, is limited to children who are very young when the family experiences the change in
bene�ts, which we do not have at our disposal due to a cohort limitation.
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ˆ X i is a vector of covariates that include dummies for the rank of parental income, both

parents' academic degree attainment, dummies for whether the parents are recent mi-

grants, the number of siblings in the household, ethnic group, and age of the parent and

of the child.

ˆ c is the cuto� point, June 2003.

ˆ � 1 is the coe�cient of interest, which captures the discontinuity at the cuto� and therefore

the treatment e�ect.

To justify this approach, we need to support that (a) there is a discrete change in bene�ts at the

cuto�, (b) there is no manipulation of assignment to treatment, that is, fertility choices were

not somehow made to time the birth with respect to the change date, and (3) that potential

outcomes are orthogonal to the assignment, that is, that outcomes are smooth around the cuto�.

Table 2 displays the bene�ts provided to families by family size and the birth date of the child.

Similarly to our main analysis in this paper, we impute the child bene�ts for each family. As

mentioned, we are able to do this since (a) child bene�ts are automatic and universal, with an

uptake of around 99%, and (b) child bene�ts are determined solely based on the number of

children and their date of birth which we can observe. Figure C.1 presents the change in the

imputed bene�ts change for the families in our sample. The drop in monthly bene�ts around

the cuto� is substantial, at around 500 ILS, or about 150 USD.

Figure C.2 provides evidence that there is no bunching around the cuto� date. Evidence for ma-

nipulation would appear as a di�erence between the frequency of births in the months before

and after the cuto�. Here, the frequencies are almost perfectly symmetric in the few months

before and after the cuto� dates.
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Figure C.1: First stage: total monthly child bene�ts (in ILS � 0:3$)

Note:These �gure plot the total monthly child bene�ts the family received in Israeli Shekels,

against the birth date of the pivotal child, centered around June 2003. Each point represents

the average bene�ts at the monthly level. 3rd polynomial lines of the underlying data are

�tted on either side of the cuto� month. The sample contains only children who are below

the age of 18 when their sibling was born.

Figure C.2: No bunching: histogram of sibling's birth month centered around the reform

Note:This �gure presents the histogram of the \running" variable - birth date, at the monthly

level, centered around June 2003, the determining month in the change in bene�ts.

Lastly, C.3 supports the assumption that potential outcomes are smooth around the cuto�. In

this �gure, we show that family earnings and rank, which are expected to be correlated with

outcomes, are smooth around the cuto�.
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Figure C.3: Continuity: the e�ect on parental earnings

(a) Yearly earnings rank (b) Yearly earnings ( 1NIS � 0:3$)

Note:These �gures plot the parents' characteristics, against the birth date of the pivotal child,

centered around June 2003. Each point represents the average at the monthly level. 3rd

polynomial lines of the underlying data are �tted on either side of the cuto� month.

Figure C.4 presents the outcomes of interest around the cuto�. It is evident that there is no

discontinuous change in either of these outcomes at the cuto� date.

The estimates for � 1, with a local linear �t, and a window of 3 months before and after the cuto�

in both cases are non-signi�cant, with a positive e�ect of 0.01 for the Bagrut certi�cate, and a

negative 0.01 for math). These results are in line with the small aggregate e�ects found in Kott

(2022), and given the sample di�erences between the papers, mentioned above.

Figure C.4: The e�ect on children's education

(a) Bagrut certi�cate (b) Math performance

Note: These �gures plot high school outcomes against the birth date of the pivotal child,

centered around June 2003. Each point represents the average at the monthly level. 3rd

polynomial lines of the underlying data are �tted on either side of the cuto� month. The

sample contains only children who are below the age of 18 when their sibling was born.
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In conclusion, we �nd null e�ects of child transfers on education outcomes. We further cor-

roborate this �nding by running the following regression on the entire sample of non-job-loss

children:

Yij � � 0 � � 1 � Age 2003ij � � 2 � D ij

� � 3 � Age 2003ij � D ij � � j � � ij

(8)

Where Yij is either the Bagrut eligibility or the math score of the child i in family j as a function

of the child's age in 2003 (Age 2003ij ) with age 21 as the baseline, a dummy variable indicating

whether the child is a large family (3 children or more) (D ij ), and the interaction term of these

two variables. � 3 is the coe�cient of interest, which we plot in the following �gures. � j is the

family-level �xed e�ects. � ij is the error term.

The �gure below presents the results: despite the fact that children of large families who are

younger in 2003 experienced a longer period during their childhood with lower child bene�ts,

we do not �nd any evidence that they experience an e�ect on their education outcomes.

Figure C.5: The reform e�ect on children's high school outcomes

(a) Bagrut certi�cate (b) Math

Note:This �gure presents the � 3 coe�cients from equation 8 for the e�ect of the reform on the general population of

students not a�ected by job loss. The regression relies on the fact that the exposure to di�erent amounts of bene�ts

until the outcome realization depends on the age of the child at the time of the reform. The baseline age in 2003 is

21. Standard errors are clustered at the parent level.
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D Appendix Figures and Tables

D.1 Appendix Tables

Table D.1: Children Sample Frequency Tables

Age at job loss Frequency

4 58
5 184
6 317
7 372
8 421
9 502
10 526
11 622
12 674
13 899
14 947
15 926
16 873
17 875
18 837
19 821
20 789
21 772
22 731
23 692
24 616
25 558
26 443
27 384
28 302
29 247
30 208
31 183
32 130
33 101
34 45
35 8

Year of birth Frequency

1974 249
1975 358
1976 415
1977 450
1978 556
1979 623
1980 635
1981 668
1982 736
1983 822
1984 889
1985 882
1986 902
1987 912
1988 940
1989 846
1990 846
1991 891
1992 878
1993 863
1994 876
1995 826

Note: These tables present the counts of job loss a�ected children. On the left are the number
of children by age at the time of job loss, and on the right is the number of children by birth
cohort.
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Table D.2: The e�ect of the reform on the e�ect of job loss children's education outcomes, by
parent and income levels

Father Mother
Math score Bagrut Obs. Math score Bagrut Obs.

(A): Num. children Entire sample 0.0069 -0.0048 126,836 -0.019 -0.0389 71,114

(0.0088) (0.01) (0.0204) (0.0178)

Above med. inc. 0.0099 -0.0015 74,019 -0.0333 -0.0506 30,427

(0.009) (0.0111) (0.0229) (0.0198)

Below med. inc. -0.0180 -0.0324 52,818 0.0429 0.0233 40,687

(0.0196) (0.0197) (0.0392) (0.0370)

(B): Bene�ts lost Entire sample 0.0025 -0.0001 126,836 -0.0078 -0.0116 71,114

(0.0019) (0.0022) (0.0053) (0.0045)

Above med. inc. 0.0016 0.0006 74,019 -0.0112 -0.0146 30,427

(0.018) (0.0023) (0.0059) (0.0046)

Below med. inc. -0.0037 -0.0086 52,818 0.01 0.0062 40,687

(0.0037) (0.0046) (0.0118) (0.0102)

Note:This table presents the� 7 coe�cient from a triple di�erence regression based on Equation 6. It presents the im-
pact of the reform on children's education outcomes as a consequence of parental job loss, segmented by household
income levels (above and below the median) and by parent (father or mother). We present two analyses in this ta-
ble: Panel (A) shows the e�ects based on the number of children in the family introduced linearly to the regression,
and Panel (B) examines the e�ects based on the bene�ts lost due to the reform, calculated as the bene�ts after the re-
form (2004) minus the bene�ts before the reform (2001) in thousands of Israeli Shekels in yearly terms. In each case,
the e�ects on math scores and Bagrut certi�cate attainment are shown for the entire sample and for the above/below
median income categories. Robust standard errors are in parentheses, while the number of observations is provided
in the last column.
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D.2 Appendix Figures

Figure D.1: Propensity scores distributions

Note:This �gure presents the overlap in the log of the estimated propensity scores of children

as described in 5.
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Figure D.2: E�ects of job loss on household income and employment by income level

(a) Employment status (b) Yearly earnings relative to t   0

(c) Earnings (1ILS � 0:3$) (d) Spouse earnings (1ILS � 0:3$)

(e) Self-employment earnings ( 1ILS � 0:3$) (f) Total household earnings ( 1ILS � 0:3$)

Note:These �gures present the impacts of job loss on labor market outcomes for individuals above and below median

pre-displacement earnings. They depict the raw means of the treatment and control groups. The �rst three �gures

show the (a) mean employment status, de�ned as working and earning above 10,000 ILS (around 3,000 USD)

during the calendar year, (b) average annual earnings relative to the average of the three years of earnings before

displacement, and (c) average annual earnings in Israeli Shekels. The next three �gures present the (d) spouse's

annual earnings, (e) earnings from self-employment, and (f) total household income, including both employment

and self-employment earnings for the individual and their spouse.
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